HELLENIC
OPEN

B UNIVERSITY

MASTER IN BUSINESS ADMINISTRATION

Postgraduate Dissertation

THE USE OF GENERATIVE ARTIFICIAL INTELLIGENCE
AS A STRATEGIC BUSINESS TOOL: CAPABILITIES,
LIMITATIONS AND FUTURE PROSPECTS.

FANI LALIOTI

SUPERVISOR: PANAGIOTIS KONTAKOS, ADJUNCT PROFESSOR

Patras, Greece, September 2026



Theses / Dissertations remain the intellectual property of students (“authors/creators™), but in the context of
open access policy they grant to the HOU a non-exclusive license to use the right of reproduction,
customization, public lending, presentation to an audience and digital dissemination thereof internationally, in
electronic form and by any means for teaching and research purposes, for no fee and throughout the duration
of intellectual property rights. Free access to the full text for studying and reading does not in any way mean
that the author/creator shall allocate his/her intellectual property rights, nor shall he/she allow the reproduction,
republication, copy, storage, sale, commercial use, transmission, distribution, publication, execution,
downloading, uploading, translating, modifying in any way, of any part or summary of the dissertation, without
the explicit prior written consent of the author/creator. Creators retain all their moral and property rights.



HELLENIC
OPEN

B UNIVERSITY

The use of Generative Artificial Intelligence as a strategic business

tool: Capabilities, limitations and future prospects.

Fani Lalioti

Supervising Committee

Supervisor: Co-Supervisor:

Panagiotis Kontakos Aikaterini Sarri

Patras, Greece, September 2026



HELLENIC
OPEN
UNIVERSITY

Acknowledgments

This thesis was conducted in terms of postgraduate studies programme in Business
Administration of Hellenic Open University, under the supervision of Mr. Kontakos
Panagiotis, Adjunct Professor of the department.

I would like to express my sincere gratitude to Mr. Kontakos Panagiotis, for giving me the
opportunity and his invaluable guidance to work on such an interesting subject. His
constructive feedback, encouragement and continuous support have greatly contributed to
the successful completion of this research.

I would also like to thank my family and close friends for their patience, encouragement,
and unwavering belief in my abilities throughout this academic journey. Their support has
been a constant source of motivation and moral strength.

Postgraduate Dissertation v



m HELLENIC
OPEN
UNIVERSITY
Abstract

Artificial Intelligence (AI) is one of the biggest trends of recent years, although its
emergence dates back several decades. According to the Boston Consulting Group (2020)
study, it is defined as “advanced forms of software that have the ability to imitate cognitive
human capabilities and operate autonomously in various fields of activity”. Thus, it is clear
that Al offers significant growth prospects and benefits, adding value to businesses.
Generative Artificial Intelligence (GenAl), as its main subcategory, has been rapidly
evolving within the last decade and significantly altering how businesses approach strategic
planning and decision-making. This thesis explores how GenAl can be used as a strategic
business tool and is structured around three thematic axes.

Initially, it analyzes GenAlI’s current capabilities and how it can be used to automate content
creation, customize consumer experiences and improve innovation processes and
operational efficiency by automating complex tasks.

Then, it identifies possible risks and limitations related to GenAl adoption, such as accuracy
of the results, privacy of data, compliance with law, and ethical use of technology.

It also assesses GenAl’s long-term potential as a revolutionary strategic business tool and
how it could change organizational structures and strategic planning procedures.

The study is based on the systematic literature review methodology, including articles
published from 2015 to 2025, as well as case studies of firms that have integrated GenAl
into their operations to achieve competitive advantage.

The conclusions of the paper give a balanced view on the practical advantages and
disadvantages of GenAl in the strategic management domain by showing that GenAl
promotes operational efficiency and strategic decision-making processes but should be
compliant with legal and ethical regulations.

The study concludes with ideas and evidence-based recommendations for firms interested
in adding GenAl software to their long-term strategy plans, while balancing innovation with

operational and ethical concerns.

Keywords: Generative Artificial Intelligence, Machine Learning, Large Language Models,

Strategic Management, Decision — Making, Competitive Advantage
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H ypnon g Tevetikne Teyxyvntig Nomupoohvne o¢ epyaleio
EMUEPNUATIKNG  OTPOTNYIKNG:  Avvototnteg, mEPLOPIGUOl Kot
TPOOTTIKEC,.

davr) Aol

Iepiinyn

H Teyvnt Nonpoovvn (TN) arotehet pio amd Tig HEYOADTEPES TAGELS TOV TEAELTOLMV
ETMV, OV KO 1) ELPEAVIOT TNG XPOVOLOYEITOL OPKETEG DEKOETIEG TPLV. ZOUPOVO LE PEAETT
¢ Boston Consulting Group (2020) opiletat oG «mponyuéves LopPEG AOYIGUIKOD TTOV
£YOLV 1 OLVOTOTNTO VO LILOVVTOL TIG VONTIKEG AVOPAOTIVES IKOVOTNTEG Kot VoL
Aertovpyodv avtdvopa 6€ dLPopovg Topelg dpactnpiottacy. Emouévamg, stvor capég ot
N TN mapéyel onUAvVTIKES TPOOTTIKES AVATTUENG Kol 0PEAT, TpocHiTovtag a&io oTIg
EMLYEPTOELG.

H I'evetwcn Teyvnt Nonpootvn (I'TN), wg kvpra vrokatnyopia g, £xet e&eAybel
paydaio Kot TV teEAELTOLN deKOETIO Kot OAAGCEL OTUOVTIKA TOV TPOTO [LE TOV OTO10 Ot
EMYEPNOELG TPOGEYYILOVV TO GTPATNYIKO GYEOACUO KOl TN ANY™ amopdacemy. H
Tapovca, SmAmpatikn epyocio diepevvd tdc N I'TN puropel va ypnoporombei og Eva
OTPATNYIKO EMEPNUATIKO epyoieio kot dopeitat yup® amd Tpelg Bepatikovg dEovec.
Apywcd, avariet Tig tpéyovoeg duvatdtreg s I'TN ko wog avt pmopet va
ypnoporomBetl 6TV avTopaTOTOiNCN TG ONUIOVPYING TEPIEYOUEVOD, GTNV TPOGOUPLOYN
TOV EUTEPLOV TOV KOTAVOIAMTOV Kol 6T BEATI®OON TV O1001KAGIOV KOVOTOUING KOl TNG
EMYEPNGLOKNG ATOTEAEGUATIKOTNTAG AVTOUOTOTOUDVTOG TOAOTAOKES EPYOCIES.

21 ovvéyeta, evromiletl mBovoig Kivduvoug Kot TEPLOPICHLOVS Tov GyeTilovTot pe TNV
vwoBémon g I'TN, 6nwe n akpifelo TOV AmOTEAEGUAT®V, TO ATOPPNTO TOV OESOUEVOV, 1|
ocvppOpemon pe T vopobeaia kot  ndkn xpnon g texvoroyiag.

Eniong, a&oroyet t1g pakporpdbecpeg duvvatdotmteg g I'TN wg éva emovaoTtoTikd
OTPATNYIKO EMYEPNUATIKO EpYOLeio KOl TG OOl LTOPOVGE VO OALAEEL TIG OPYAVAOTIKEG
OOUEG Kol TIC OUOTKAGIEG GTPOTIYIKOD GYEOLOGHOV.

H perétn Basileton otn pebodoroyia tng cuotnratikig avackonnong ipioypapiog,

cvumepthappavovrtag dpbpa mov dnpoctevnkay and 1o 2015 mg 10 2025, Kabmg Kot
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UEAETEG TTEPUTTAOCEMVY amd £Tanpeieg mov £xovv evowpataoel v I'TN otig Asttovpyieg
TOVG Y10 VOL EMLTHYOVV OVTOYWVIGTIKO TAEOVEKTI LA

To cvunepdopota ™G Epyaciag TapEYovV L IGOPPOTNUEVT] ATOYT GYETIKA LLE TO
mAgovekTNUoTo Kot To petovektiuato g I'TN otov topéa g otpatnyikng dtoiknong,
detyvovtag 6t ['TN tpowbei TNV eMyelpNGLOKN OMOTEAEGHOTIKOTTO KO TIG S1OOTKOGTES
MYMG OTPATNYIKADOV ATOQAGEDV OAAL TPETEL VOL EIVOL COUPOVY LE TOVG VOLILKOVS Kot
NnO1Kovg Kavoviopovg.

H pelétn xotaAnyel og 106eg Kot TEKUNPLOUEVES TPOTACELS Y10l EMLYEIPTOEL TOV
EVOLAPEPOVTOL VO EVEOUATOCGOVV AoYiopikd I'TN oto pakpompdbesiio oTpatnyikd Toug

oy£010, EEIGOPPOTOVTOC TNV KALVOTOUIO e AELITOVPYIKOVS Kot 00O TpoPAnUaTIGHovG.

Ag&€erg — Khewona: I'evetikn Teyvnt Nonpoosvvn, Mnyavikn Mabnon, Meydra I'ocoikd

Movtéha, Ztpatnyikn Awoiknon, Aym Artoedcewv, Avtaywviotikd [Tieovéktnua
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1. Introduction

1.1 Background to Study

In recent years, business sector has experienced a groundbreaking transformation, as new
digital technologies have emerged and changed the landscape. Among these, Artificial
Intelligence (Al) and its many applications play crucial role in formulating a new way of
life, altering the way organizations operate, decide and interact with their customers. Al
relates to the field of computer science and engineering of designing and implementing
programmes that imitate human intelligence, such as learning, reasoning, problem-solving
and decision-making (McCarthy, 2007). It was first introduced in 1950s, but the rapid
advancement of Big Data technologies within the last decade, such as excessive computer
storage capabilities and high speed in data processing, empowered it with the availability
and capabilities of Big Data (Duan et al., 2019). From automating daily repetitive tasks to
making complex decisions, the options that Al offers can lead us to a multitude of
directions and choices. Considering its ongoing evolvement, its integration across various
industries creates significant opportunities for improved efficiency, innovation and long-
term competitive advantage.

Being part of the broader category of Al, Generative Artificial Intelligence (GenAl) moves
beyond simple data analysis, as it uses deep learning algorithms to analyze complex
patterns and generate new content based on whatever is requested to do. GenAI models
learn those patterns and structure from examples they find in emails, texts and images, and
then generate new examples that are similar. The ability to produce new and original
outputs makes GenAl not just a computer programme, but a strategic asset that improves
organizational decision-making, creativity, and innovation.

Traditionally, strategic decisions rely upon historical data, rational analysis and
experience. However, most organizations fail to process numerous data in short
timeframes, keeping up with the constant changes in market conditions. That is why
GenAl adoption is important, as it boosts human intelligence using technologies like
machine learning (ML), predictive analytics, and natural language processing (NLP),
which analyze big data and produce more accurate insights in a shorter period of time, so
that managers can make more informed and evidence-based decisions instead of basing

only on their personal intuition (Asiabar, 2024).
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Moreover, the acceleration by the pandemic of digital era causes inevitably integration of
the latest technologies, like GenAl, in all business functions, emphasizing the shift from
traditional strategic models to more agile, technology-driven ones (Kaggwa et al., 2024).
Organizations that successfully adopt and implement these technologies are often better
prepared to adapt to changes in their environment.

However, despite the rapid adoption of GenAl technologies, existing literature examines
the technical applications of GenAl, while limited research integrates GenAl within
strategic management frameworks such as Resource Based View (RBV), Dynamic
Capabilities and sustainable competitive advantage. Thus, the gap in understanding the
ways that GenAl can be effectively integrated into strategic management context creates a
need for investigating its potentials and limitations. This study addresses this gap by
synthesizing strategic, technological and governance perspectives.

As a result, the importance of exploring the role of GenAl in strategic management cannot
be overstated, as it helps us understand how technology contributes to strategic decision-

making, organizational innovation and competitive advantage.

1.2 Research Purpose and Objectives

This study explores the role of GenAl as a strategic business tool for modern businesses
focusing on its potentials towards strategic management enhancement, as well as identifying

the risks and limitations arising from its adoption.

Specifically, the research aims to understand the basic concepts of GenAl and strategic
management, including GenAl’s definition, its main applications in businesses and the
strategic management principles. This understanding is important in order to analyze how
GenAl improves decision-making, supports strategic innovation and creates competitive

advantage.

The study also discusses risks and limitations associated with GenAl adoption, such as
reliance on training data, absence of creativity, data biases, accuracy concerns, the need for

supervision and compliance with regulations and legal frameworks.
For this purpose, the study sets the following objectives:

e To explore the key capabilities of GenAl within businesses, such as productivity

increase through process automation, innovation promotion by developing new
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products and services and improved decision-making by analyzing large volumes of
data, that results in better informed strategies and advanced outcomes.

To identify risks, limitations and legal, ethical and operational challenges that could
affect the effective use of GenAl in strategic planning.

To develop a framework for successful implementation of GenAl in business
strategies development, organizational processes and competitive positioning in the

market.

By addressing these objectives, the study aims to provide evidence-based insights and

recommendations on how businesses can use GenAl effectively. At the same time, it offers

a balanced view of GenAl capabilities and limitations, and emphasizes the importance of

following legal, ethical and operational guidelines for a responsible and effective integration

into business strategies. Besides, it aims to contribute to the literature by highlighting the

future prospects of GenAl and suggesting directions for further practice and research.

1.3

Research Questions

This thesis aims to answer the following research questions, which highlight both the

opportunities and challenges associated with the use of GenAl as a strategic business tool:

1.4

RQ1: What are the strategic capabilities of GenAl for modern businesses?

RQ2: What are the technological limitations that affect the reliability and adoption
of GenAl in strategic processes?

RQ3: What are the legal, ethical and operational risks that arise from integrating
GenAl into businesses and how they can be addressed?

RQ4: What are the future prospects for the effective strategic integration of GenAl
into businesses?

Research Methodology

The research is based on secondary analysis through a systematic literature review, which

allows a comprehensive assessment of existing knowledge regarding the capabilities,

limitations and prospects of GenAl. Scientific articles, case studies, reports from

international organizations and relevant literature from 2015 to 2025 are utilized through
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official databases, such as Google Scholar, Web of Science, ScienceDirect and IEEE
Xplore.

Selected articles are classified and analyzed based on the four research questions:

e the strategic capabilities of GenAl
e the technological limitations
e the legal, ethical and operational risks

e the future prospects for its effective strategic use

This way, we get an overall view that answers the research questions of the study.

1.5 Significance and Contribution of the Study

GenAl is indisputably one of the most exciting technological advancements, and within the
last years has been already integrated into a multitude of business functions, such as content
creation, process automation and productivity enhancement. However, we need to
understand how it helps businesses to develop strategies and create and maintain
competitive advantage in the market. Most studies are limited to the technical capabilities
and business applications of GenAl with little research on its role as a long-term strategic
management tool that affects competitiveness, decision-making and innovation processes.
Thus, this study is of particular importance, as it fills the gap in literature and provides a

comprehensive analysis of GenAI’s capabilities, limitations and prospects.

At theoretical level, the study connects strategic management theories, such as RBV,
Dynamic Capabilities, Porter’s Five Forces Model and PESTEL framework, with the
technological developments of GenAl and gives insights on how it can be used as a strategic

tool, add value to businesses and achieve competitive advantage.

At practical level, the study sets directions for managers and business executives, so they
have a clear view of the opportunities and risks associated with the integration of GenAl

into their business strategies and operate within responsible strategic frameworks.

Overall, the research records the existing knowledge through systematic literature review,
helps to understand the strategic value, risks and evolving capabilities of GenAl and
contributes to the formulation of practical guidelines, in which GenAl can be effectively

integrated into business corporations.
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1.6 Structure of the Dissertation

The dissertation is structured into five main parts, which present the theoretical background,
methodology, findings and conclusions arising from the systematic literature review on

GenAl and its role in strategic management.

First chapter refers to the digital transformation in business sector due to the emergence of
new technologies. It analyzes that GenAl is useful in strategic management, offering new
opportunities for efficiency, innovation and competitive advantage, since traditional
strategic methods cannot handle the amount and the acceleration of modern data. However,
businesses lack knowledge in effective integration of GenAl into their strategies. Therefore,
it is important to investigate the potentials, limitations, and prospects of GenAl in
formulating business strategies. Besides, it describes the research objectives, the research
questions and the methodology used in the study. At the same time, the significance and the
contribution of the research, both on theoretical and practical level is analyzed, as well as

the overall structure that follows.

Second chapter presents a review of relevant literature focusing on the evolution of GenAl
and its applications across different business functions. It examines how GenAl
technologies are integrated into areas, such as marketing, operations, human resources,
finance, and of course research and development, while also exploring their strategic
implications through established management theories, including the Resource-Based View

and Dynamic Capabilities.

Third chapter analyzes the research methodology, that is based on a systematic literature
review approach. It explains the data collection process, including the selection of databases,
the keywords, and time horizon, as well as the inclusion and exclusion criteria used to ensure
the relevance and quality of the selected sources. Besides, it refers to the process of article
selection following PRISMA, the method of coding and thematic analysis procedures and,

lastly, the analytical framework used to answer the research questions.

Fourth chapter analyzes the selected literature’s results. It presents descriptive and thematic
findings on GenAl’s strategic capabilities, technical limits, and legal, ethical, and
operational risks. It also discusses how GenAl creates sustainable competitive advantage

and provides a conceptual framework that integrates inputs, capabilities, outcomes, risks,
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and governance mechanisms. Overall, it gives a balanced view of GenAI’s strategic business

opportunities and challenges.

Fifth chapter summarizes the key findings and answers the research questions of the study.
It discusses the theoretical contribution of this thesis, in particular in relation to strategic
management theories, and provides practical strategic recommendations for organizations
aiming to successfully implement GenAl. It also discusses the limitations of the research
and set directions for future studies. Finally, this chapter concludes that the long-term value
of GenAl is not in the technology itself, but in its strategic integration, governance, and
alignment with organizational capabilities, and that GenAl can become a vital part of future

business strategy.
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2. Literature Review

2.1 Artificial Intelligence in Business

2.1.1 Artificial Intelligence Definition and Structure
Before analyzing the ways that Artificial Intelligence (AI) technologies are influencing the
business sector, we need to provide a definition of the term for a better understanding of the

subject.

In 2007, John McCarthy, one of the founders of Al, described Al as “the science and
engineering of making intelligent machines, especially intelligent computer programs”
(McCarthy, 2007). Historical researches define Al in various ways, creating four basic

approaches (Tripathi, 2023):

First, the Turing test approach proposed by Alan Turing in 1950, according to which a
machine acts humanly. The test describes a human judge who asks questions to another
person and a machine through a screen blindly. If the judge cannot identify the machine
from the replies he receives, then the machine passes the test (Park, 2018). Figure 1 below
represents the Turing test, where a human evaluator communicates with a computer and
another human and needs to identify who is the human and who is the machine. If the
computer cannot be identified as machine, then it is considered that it acts like a human and

passes the test.

L]

Computer

2?
L
@
Human
evaluator

Figure 1 - Turing Test diagram. Source: Rebelo et al. (2022), ResearchGate.
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Second, the cognitive modeling approach according to which a machine thinks humanly
after being modelized with algorithms that simulate human problem-solving and mental

processing through three theory methods, as shown in Figure 2:

Determining
how
human thinks

Figure 2 - Cognitive Modeling diagram. Source: Gopi Chandrakesan (2021).

e Through introspection method by examining our thoughts and seeing how it flows.
e Through psychological inspections method by observing a person in action.

e Through brain imaging method by observing the brain in action.

Converting the above methods into a computer programme allows that parts of the

programme are thinking like the human brain (Russell & Norvig, 2021).

Third, the laws of “thought approach” according to which a machine thinks rationally based
on the principles of common logic and a set of predefined rules and conditions that lead to

correct conclusions (Russell & Norvig, 2021).

Fourth, the rational agent approach according to which a machine acts rationally based, not
only on the principles of common logic and a set of rules that lead to correct conclusions,
but also on probability theory that allows deciding under uncertain situations and adapting

to changing environments (Russell & Norvig, 2021).

It seems that the rational agent approach is the most prevalent one, through which Al is
related to rational computer agents that “operate autonomously, perceive their environment,
adapt to changes, and create and pursue goals, so as to achieve the best outcome or, when

there is uncertainty, the best expected outcome” (Russell & Norvig, 2021).
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While Al is described in general “as the ability of a system to accurately interpret external
data, to learn from those data, and to apply the acquired knowledge to achieve specific goals
and tasks through flexible adaptation” (Kaplan & Haenlein, 2019), its definition is quite
broad and includes a variety of advanced technologies, such as machine learning, deep
learning, deep neural networks and natural language processing, which are the foundation

of Al within a larger context.

Machine Learning (ML) is the branch of computer science related to statistics and the core
of an Al system capable of learning through patterns and making automatically robust
predictions from complex data (Taddy, 2018). This process is completed into two stages, as
shown in Figure 3: first, the training stage, where models are trained on existing data in
order to identify relationships and patterns, and second, the testing or decision — making
stage, where the developed trained models are tested for determining the results of unknown
datasets and support predictions and decision-making processes (Chauhan & Singh, 2018,
Pandey et al., 2019).

Accessing and

preprocessing of data
Feature Extraction Test data
Training of model Feature Extraction
Optimization of
parsmeters Runi Pre-trained model

Figure 3 - Machine Learning stages. Source: Pandey et al. (2019), Google
Scholar.

In business environments, ML technologies support organizations in improving decision-
making, increasing efficiency though process automation and responding effectively to
changing market conditions through trend forecasting (Chalmers et al., 2020). The latest
generation of ML algorithms give the best possible outcome when process large amounts of

data, increasing the level of automation in implementing prediction models (Taddy, 2018).
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However, data increase does not necessarily imply that learning improves, as ML algorithms
are limited by bias in the algorithm (when the selected algorithm is not suitable for a given
task) and bias in the data (when the training data are generated by humans and represent
their cognitive bias), which can lead to skewed predictions (Bzdok et al., 2017, Azaria, 2023,
Mavrogiorgos et al., 2024).

Deep Learning (DL) is an advanced subset of ML influenced by biology, as it is based on
deep neural networks (DNNs) that imitate the neurons of human brain and enables Al
systems to identify complex patterns within large volumes of structured and unstructured
data and develop highly accurate predictions. In business environments, DL technologies
support applications such as predictive analytics, customer personalization, fraud detection
and strategic forecasting. Their ability to process large datasets quickly enhances
organizational decision-making and operational efficiency, making them strategically
important for companies operating in dynamic and data-driven markets (Taddy, 2018,
Chalmers et al., 2020). Figure 4 shows the multilayered information processing that a DNN

allows in order to identify patterns and produce advanced analytical outcomes.

neuron

Output
(prediction)

Input
(features)

Hidden Layers
lots of layers - "deep learning”

Figure 4 — DNN in Deep Learning. Source: Manika (2024), ProjectPro.

Natural Language Processing (NLP) is a subfield of computer science that helps machines
to understand and use human language through mathematical modeling and computational
techniques (Reshamwala et al., 2013) by analyzing the grammatical structure of sentences

and the meaning of individual words, interpreting that meaning through algorithms and
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finally, producing outputs (Ali & Shandilya, 2021). NLP is used in both written and oral
speech and is important for businesses that handle large volumes of unstructured text, such
as emails, online chats and social media conversations, because it helps analyze and interpret
the information automatically. Typical examples of NLP are chatbots and virtual assistants,
like Siri and Google Assistant, which are used as automated question-answering systems

that understand human language and deliver appropriate replies (Chandrika, 2024).

As the new technology era created advanced applications and software systems and paved
the path for AI implementation and usage, the meaning of Al and its subfields are
continuously evolving, offering the opportunity to enjoy the benefits of the fourth industrial

revolution.

2.1.2 Artificial Intelligence Integration in Business Environments: Capabilities and
Challenges

Al is part of a wider process known as the fourth industrial revolution, industry 4.0 or
digital transformation, which was first introduced by the German government in 2011 and
describes a significant shift towards advanced industrial technologies that support
economic growth and high quality of life (Grandinetti, 2020, Hollebeek et al., 2021).
Industry 4.0 is strongly connected to supply chain management, covering all stages from
production to the customer, where clear and effective communication is necessary. As
many industries handle large volumes of communication, Al helps them to better identify
customer needs by analyzing social media and other online content and provide
personalized products and services influencing customer choices and offering new insights

that can drive business development (Mah et al., 2022, Chalmers et al., 2020).

Al combined with emerging technologies, such as Big Data, Blockchain and Internet of
Things (IoT), completes operations and tasks that outperform humans in terms of speed
and relevance, as it has the ability to identify patterns or details in data that are
imperceptible to humans, leading to entrepreneurial opportunities across many industries
and providing them with the necessary tools to invent new business processes and models
(Peyravi et al., 2020, Chalmers et al., 2020). In the framework of IoT, Al is essential for
processing and interpreting large volumes of data, facilitating the interconnection of
software languages used by IoT devices (Ahmad et al., 2021). Within Blockchain

technology framework, it provides a secure and transparent way to record digital
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transactions, ensuring the reliability and integrity of the results (Treiblmaier, 2018). This
technology fusion is transforming technological entrepreneurship and reshaping the way

new businesses are designed and developed (Elia et al., 2020).

There are several applications for Al in businesses, most of which aim at driving growth.
When viewed as a major growth factor, Al allows organizations to increase the efficiency
of operations, maintenance, and supply chains by anticipating, for instance, the required
time for products to be transferred through the supply chain and predicting the material
and shipping costs (Bharadiya et al., 2023). It also enhances customer experience by
automating customer service processes through chatbots, improving products and services
and introducing new features. It enables rapid and automated adaptation to changing
market conditions by shifting business models from traditional manual changes to self-
adjusting systems. It optimizes the balance between supply and demand through improved
forecasting and planning capabilities, it identifies fraud in banking and finance sectors by
detecting unusual patterns, and it enhances sales processes by predicting market trends and

managing inventory through accurate data analysis (Wamba-Taguimdje et al., 2020).

In fact, Al fosters creativity and innovation in problem-solving and plays crucial role in
strategic decision-making, as it applies in various leadership strategies. It is not only
beneficial in cost leadership strategies, where the goal is process automation to minimize
costs, but also in quality and relationship leadership strategies, which respectively aim to
deliver superior customer experience and focus on building close bonds with customers to
enhance satisfaction (Huang & Rust, 2021). Businesses provide value to customers
through three stages: creation, delivery and interaction. In the creation stage, the goal is to
create value for the customer. Through deep learning algorithms, companies may use
predictive analytics to identify customer preferences, computational analytics to develop
services, and pattern recognition technologies to identify and serve similar customer
segments (Huang & Rust, 2021). In the delivery stage, emphasis is given on efficiency
through automating repetitive tasks, such as shipping, delivery and payment processes,
that minimize costs and facilitate the effectiveness and convenience of services. The
interaction stage focuses on communication with customers and can be divided into
marketing communication and post-purchase services, each of which requires advanced Al
technologies capable of accurately recognizing and responding to human emotions (Huang

& Rust, 2021).
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Al not only helps businesses develop new capabilities and increase their flexibility, but its
predictive power also supports the training and continuous improvement of business
operations (Schrettenbrunner, 2020). In terms of improving services, it enhances their
availability, supports the customer journey through real-time information, proactively
handles multiple customers at once, and reduces waiting times and human intervention,

allowing staff to focus on more complex tasks (Ameen et al., 2021, Costa et al., 2019).

In general, when integrated into business environments, Al is positively impacting on four

different phases of the business process (Schrettenbrunner, 2020):

¢ On the opportunity recognition phase, where it empowers entrepreneurs to explore
new possibilities.

¢ On the decision-making phase, where it allows for improved forecasting and
determination.

¢ On the performance phase, where it improves the productivity of the business.

¢ On the education and research field, where it helps to accelerate and bridge the gap

between theory and practice.

However, Al integration into businesses falls into some challenges, as it creates need for
specialized staff, so that companies have to employ Al experts in key job positions to
implement complex Al technologies, offering high salaries to attract and retain them
(Schrettenbrunner, 2020). On the other hand, the cost of purchasing the required
infrastructure for its implementation, including software, maintenance and data
management costs, is high. Thus, the financial investment in Al is significant and not all

companies, especially small ones, can afford it (Mogaji et al., 2020).

Besides, data collection processes can cause ethical concerns to customers related to
manipulation and privacy, who need to be informed about how their data is being
processed and give their consent, while companies are expected to manage and use this
data with responsibility and assure customers that their information will remain

anonymous and not be sold (Ameen et al., 2021, Mogaji et al., 2020).

Furthermore, the decreased level of human interaction within Al technologies can lead to
negative customer experiences, if not managed properly (Ameen et al., 2021). Customers
remain cautious towards Al use in tasks that require intuition or emotional involvement, or

those that could lead to significant consequences, as they perceive Al bots unable to feel
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or less empathetic or unable to identify what is unique for each customer (Davenport et al.,

2019).

Ultimately, while Al enhances human intelligence and improves service delivery
capabilities, it is unlikely to fully replace human roles that require creativity, intuition and
emotional understanding (Davenport et al., 2019). The integration of Al can significantly
transform businesses; however, it must be implemented in a thoughtful and ethical way, in
order to maximize its benefits and minimize its potential disadvantages (Gongalves et al.,

2022).

2.2 Generative Artificial Intelligence: Concepts and Tools

Figure 5 illustrates the interconnection among core technical concepts in the domain of Al.

Artificial Intelligence

Artificial Intelligence —/ Programs with the ability to learn and reason

like humans

Mod*\o l.o.mhg Machine Learning

Algorithms vath the ability to learn without being

explicitly programmed

® Neural Networks

A type Of machine learmr 5.|Ig(_-v|'l|nw that mimics

the structure and function the human brain

B Deep Learning

Subset of Machine learning in which artficia
neural networks adapt and learn from large data

B Generative Al

A Subset of Al that focuses on generating new

CONTENt, SUCH as IMages or text based on

patterns leamed from data

Figure 5 — AI Model Types. Source: Hartman (2025), Infoworks.

While AT has become increasingly popular in recent years, Generative Artificial Intelligence
(GenAl), as its subset, experienced rapid growth in late 2022. According to the terminology,
the word “generative” describes the ability to produce or create something. By this
definition, all AI models can be technically considered as generative because they create
outputs. However, not all Al-generated content is considered GenAl (Penalvo & Ingelmo,

2023).
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In fact, GenAl refers to Al software systems that leverage machine learning and deep
learning algorithms to create innovative output, like text, images, or other media, that users
can engage with rather than numerical predictions, based on patterns learned from training
on large datasets (Hartman, 2025). Unlike conventional Al, which typically focuses on tasks
like classification, prediction, or decision-making, GenAl models are designed to learn and
reproduce the underlying patterns and distribution in data (Yang et al., 2025). They are also
particularly good at creating examples with modifications based on a prompt, such as

answering a question, summarizing text or modifying the style of an image or document.

As the first concept of GenAl, prompt is an instruction, query or command that a user
submits into a GenAl interface to request a response from the system, and its structure
typically includes the role and background information, the core task, the desired format and
the desired style of the output (Yang et al., 2024). An example of the basic structure of a
prompt could be the following: “As a marketing expert (role), create a social media
campaign (task) about the nutrition benefits of our new cereal product in a list with bullet

points (format) in an accessible and enthusiastic tone (style)”.

Effective prompts base on prompt engineering, which is the second concept of GenAl and
relates to the process of designing and refining inputs for GenAl tools to achieve optimal

outputs (Yang et al., 2024).

Another concept is tokenization, where input data are broken down into smaller parts called
tokens, such as words, subwords or even characters, so GenAl tools learn relationship
between words and understand human language (Hartman, 2025). In the phrase “Artificial
Intelligence” or in the abbreviation “Al” for instance, each word and each character can be

considered as a token.

The fourth concept of GenAl is embeddings, which are numerical representations of words
that help GenAl models to understand the context and find similarities and differences in
meaning between different texts by converting them into vectors. Words with similar
meaning have vectors that are close to each other. For instance, the words “house” and
“home” have similar embeddings and close vectors, while “apple” (the fruit) and “Apple”
(the company) have different embeddings and distant vectors based on context (Hartman,

2025).
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Vectors are stored in vector databases, which constitute the fifth and last concept of GenAl,
and provide the ability to accurately locate and retrieve data based on vector similarity. This
enables searches based on semantic or contextual relevance instead of depending only on

exact matches or predefined rules (Hartman, 2025).

The most commonly used type of GenAl for text is Large Language Models (LLMs), which
are data transformation systems trained on large numbers of parameters that understand and
generate human-like text by predicting which words are most likely to come next based on
probabilities (Yang et al., 2024). For example, if the first word of a sentence is “they,” there
is a higher probability that the next word is “are” rather than “is” (Kalota, 2024). LLMs are
based on transformer models, which are types of artificial neural network that process data
through an encoder and generate output through a decoder, which may be in a different
format (Kalota, 2024). For example, a transformer can receive a text prompt and generate
an essay, image, or audio (Kalota, 2024). Chatbots and virtual assistants are typical

applications of GenAl and LLMs.

A specific type of transformer model is Generative Pre-trained Transformer (GPT) model,
which uses only the decoder part and generates sequences of words, code, or other data in
response to an input prompt, with ChatGPT being the most popular one (Kalota, 2024).
Developed by OpenAl and introduced in November 2022, ChatGPT is a chatbot that
leverages Al, NLP, and LLMs to communicate with its users by answering questions and
providing human-like responses (Kalota, 2024). This programme can generate unique
articles about any topic by searching for information online and using strong grammar and
writing skills. On demand, it can generate basic computer code, simple financial analysis,
essays on almost any subject, summaries of technical or scientific documents, chat-based
customer service, accurate predictions, and personalized recommendations (Haleem et al.,
2022). Depending on its version or additional plugins, it can also edit images, audio and
other media. Thus, it can be considered a great complementary tool for many strategic
activities, including research, process mapping, scenario analysis, industry trend analysis,

risk identification and weighting, question generation, and idea creation (Forrest, 2024).

Another commonly used GenAl tool powered by one of the world’s leading technology
companies, Google, is Google Gemini, which was introduced in December 2023. Unlike
ChatGPT, Google Gemini incorporates visual language model technology and does not

require additional plugins to process and create outputs from multiple data types, such as
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audio, images, video and other digital data. This capability enables it to give more complete
answers that fit the context, and perform various tasks (Imran & Almusharraf, 2024). Within
a strategic management context, its integration with Google applications and its ability to
perform complex tasks across multiple domains highlights its flexibility and potential to

optimize workflows and enhance productivity (Pande et al., 2024).

Another leading technology company, Microsoft, has also integrated GenAl tools into its
applications, with Microsoft Copilot being one of the most well-known examples. Copilot
is an Al assistant that can summarize documents, such as Word files, Excel data, and
Outlook emails, and generate context-related content based on what is requested to do. This
way it helps users complete their daily tasks faster and enhance their productivity in various
workplaces (Miranda, 2025). From a business strategy perspective, Copilot can add value
to businesses by supporting decision-making processes, and enabling effective data
management and predictive analysis, which, in turn, allows executives to make timely and

informed decisions (Asundi, 2025).

An alternative GenAl tool that competes with ChatGPT and Gemini is Claude, which was
developed by Anthropic in 2023. Claude can handle a wide variety of conversational and
text-based tasks, from answering questions and summarizing information to conducting
research, writing code, and supporting creative projects, with high levels of predictability
and dependability, as it can work with large amounts of text at once (Martins, 2024).
Additional example is DALL-E, which creates images from text prompts that can be used
in arange of applications, from product design to marketing and advertising (Zhou & Nabus,

2023).

In general, GenAl tools support the integration of Al technologies into various sectors,
fostering innovation, collaboration, and creativity, particularly for researchers, business
executives, and digital content creators. Additionally, they generate diverse solutions and
provide guidance, enabling advancements in education, healthcare, management, finance,

scientific research, and other fields (Imran & Almusharraf, 2024).
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2.3 Strategic Use Cases of Generative Artificial Intelligence

2.3.1 Marketing and Sales

GenAl reshapes the way businesses implement their marketing and sales strategies, as it
allows automation in content creation, personalized communication and real-time prediction
of customer preferences. These capabilities increase operational efficiency, reduce costs,
and support the development of more dynamic and competitive strategies (Davenport et al.,

2019).

First, it personalizes offers and advertisements according to individual consumer
preferences. This is critical for customer retention and business growth, as it increases
conversion rates and the overall consumer experience (Chaffey & Ellis-Chadwick, 2019).
Besides, its ability to analyze the information it finds in social media posts related to
purchase preferences and create customer profiles helps businesses to identify trends and
adapt their marketing communication in ways that are more persuasive or engaging

(Davenport et al., 2019).

Second, it supports automated content creation, so that product descriptions, social media
posts and articles can be completed faster, reducing production time and costs and allowing

marketing teams to focus on more strategic and creative tasks (Huang & Rust, 2021).

Third, it enhances sales forecasting and price promotion decisions through predictive
analytics related to consumer behaviour and market trends, so businesses can develop more

targeted sales strategies and increase profitability (Davenport & Ronanki, 2018).

Overall, GenAI’s integration in marketing and sales enhances businesses’ ability to focus
on individual customer preferences, fosters customer engagement, and optimizes sales
processes. Its strategic value lies in improving efficiency and strengthening competitiveness

in dynamic and volatile market environments (Davenport et al., 2019).

2.3.2 Operations and Supply Chain

GenAl enhances business operations through advanced analytics systems that enable real-
time demand forecasting, inventory management, production scheduling and logistics

planning, optimizing strategic decision-making and contributing to lower inventory costs
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and greater customer service levels (Raina et al., 2025). In addition, it enhances predictive
maintenance by detecting potential machinery failures in advance and recommending the
most effective proactive maintenance actions, reducing downtimes and repair costs while
improving system’s reliability and overall operational efficiency and continuity (Ucar et al.,

2024).

GenAl also supports supply chain management by improving logistical efficiency, allowing
businesses to optimize transportation routes, reduce delivery times, minimize wastes and
lower operational costs. Moreover, it helps managers to evaluate alternative strategies
during periods of supply chain disruptions or crisis situations (Raina et al., 2025). By
analyzing data from past collaborations and simulating different scenarios based on current
conditions and external risk factors, organizations can anticipate potential failures or delays,
strengthening this way supply chain resilience and enabling faster and more effective

responses to unexpected disruptions (Ivanov & Dolgui, 2020).

Overall, integrating GenAl into operations and supply chain management facilitates the shift
from traditional processes into proactive and agile decision-making systems. Its strategic
value lies in increasing efficiency, reducing operational costs, and strengthening business

resilience in dynamic business environments (Raina et al., 2025).

2.3.3 Human Resources

GenAlI changes the Human Resources (HR) department, as it helps with the recruitment,
selection, development and retention of personnel. In this way, it acts as a supportive tool
to HR functions and increases the efficiency and transparency of operations (Benabou &

Touhami, 2025).

When it comes to recruitment and selection, GenAl is used to automatically analyze
resumes, rank people who applied, and find the important skills they need for the job. This
saves time for the initial screening of the applicants and makes the whole process faster.
GenAl also helps make job descriptions and suggest people for jobs based on how well their
skills match, making the process of hiring someone fair and transparent (Benabou &

Touhami, 2025).
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In development, GenAl analyzes the skills of the employees and creates personalized
training programs that help them to learn better and faster. It also helps in evaluating
performance, identifying qualified candidates for leadership roles and ensuring continuity

in key positions (Benabou & Touhami, 2025).

In retention of the employees, GenAl helps HR department to identify trends, predict when
someone might leave, and come up with plans to keep them by making career and training
programs that fit what the employee wants and what the company needs. (Benabou &

Touhami, 2025).

However, HR is a field that handles large volumes of sensitive employee and candidate data
that need strict management according to GDPR regulations. So, even though GenAl is
helpful, it cannot replace human judgment completely. When GenAl is used in HR there are
concerns about keeping information safe, and its integration requires high levels of data
reliability, as algorithms can be biased, thus unfair to applicants or employees. Therefore,
when GenAl is used in HR, everything has to be open and honest, and people have to check
and ensure that it is being used fairly and in a way that is right (Benabou & Touhami, 2025).

2.3.4 Finance and Risk Management

GenAl changes how companies handle corporate finance through the analysis of
quantitative data, economic trends and external factors to figure out what will happen next.
This means that companies can analyze things more quickly and accurately, predict what
will happen, and manage risks better. So, GenAl is considered a means to assist in strategic

decision-making (Huang & Nakamori, 2021).

GenAl is good at finding patterns in data and predicting market trends and profitability
potential with higher accuracy than traditional statistical models. This allows companies to
make a complete financial forecasting and analysis, and helps them to make informed

strategic decisions, especially during periods of financial uncertainty (Guo et al., 2021).

GenAl also helps companies to manage risks and detect fraud, because algorithms can
identify unusual transactions in real time, minimizing financial losses in this way (Wamba-

Taguimdje et al., 2020).
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It then analyzes information about customers, historical records, and economic indicators,
and optimizes loan portfolios to support the credit risk assessment and lending decisions

(Brynjolfsson & McAfee, 2017).

Overall, GenAl in the financial sector is considered to improve forecasting, assess and
reduce risks, and enhance fraud detection. However, its effective adoption requires proper
data governance, reliable models, and compliance with regulatory frameworks to ensure its

appropriate use and maintain stakeholder trust (Raina et al., 2025).

2.3.5 Research and Development (R&D)

GenAl helps businesses to contact research and development by handling large amounts of
data and creating hypothetical scenarios through classification and prediction, that would be
difficult or time-consuming to process using traditional methods. Thus, it reduces the time
needed for product development and enhances organizations’ innovation capacity

(Cockburn et al., 2018).

By analyzing market trends and simulating product performance under real conditions, it
identifies gaps in the market, combines different technological solutions and proposes new
ideas or potential improvements, reducing experimentation costs and improving the quality
of final outputs. This allows companies to better adapt products to the market and develop

customized products based on individual customer preferences. (Cockburn et al., 2018).

It also facilitates knowledge sharing by creating systems that collect and organize large
amounts of data and turn it into useful information. These systems help employees learn
continuously and share knowledge more easily, improving collaboration across the
organization. This makes GenAl a bridging technology that accelerates knowledge transfer

between organizations and enhances the strategic value of networking (Xing et al., 2020).
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2.4 Generative Artificial Intelligence and Strategic Management
Theories

Strategic management consists of the stages of developing, implementing and evaluating a
company’s strategy, that is the methods that managers use to satisfy customers’ needs,
improve operational performance, meet organizational objectives and strengthen the

company’s market position (Michiotis, 2005).

The use of GenAl as a strategic business tool can be described through established
theoretical approaches of strategic management that help in understanding how GenAl can
create competitive advantage for businesses, as well as the conditions under which this can

be sustainable.

One of the most influential theoretical approaches in strategic management framework is
the Resource-Based View (RBV) theory which emphasizes that a company’s sustainable
competitive advantage depends on the effective use of its unique resources and capabilities
that should be valuable, rare, inimitable and non-substitutable (VRIN) (Sanchez-
Rodriguez et al., 2025). Under this theory, resources include all assets, competencies,
organizational processes and knowledge controlled by the firm and could be tangible, such
as buildings, equipment and financial capital, or intangible, such as brand name, patents,
reputation and technical knowledge. Capabilities, on the other hand, refer to the firm’s
unique skills to effectively deploy and coordinate these resources to achieve its strategic

objectives (Wartini et al., 2024).

In the context of GenAl, algorithms, LLMs and the ability to apply this technology into
business processes can be considered as strategic resources that improve operational
efficiency. However, as GenAl tools, such as chatbots and cloud-based services, become
widely available, their simple adoption cannot create differentiation. Instead, the RBV
theory indicates that GenAl tools can create strategic value and sustainable competitive
advantage when integrated into the company’s unique organizational resources and
processes in ways that are difficult for competitors to imitate (Sanchez-Rodriguez et al.,

2025).

A step further goes the Dynamic Capabilities theory, which doesn’t focus only on
resources, but emphasizes a company’s ability to sense opportunities and threats in the

external environment, seize them by reallocating resources, and renew or reconfigure
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those resources to adapt to changing market conditions. Thus, through sensing, seizing and
reconfiguring, firms could maintain their competitiveness in rapidly evolving business

environments (Sanchez-Rodriguez et al., 2025).

GenAl tools play a vital role in developing dynamic capabilities, as they help businesses to
analyze large volumes of data, predict market trends and customer preference changes,
redesign processes and business models, and reconfigure organizational resources. In this
way, GenAl facilitates strategic decision-making and enables firms to adapt to changes
and achieve sustainable competitive advantage in volatile environments (Sanchez-

Rodriguez et al., 2025).

Additional commonly known strategic management approaches that relate business
strategy to volatile market environments are Porter’s Five Forces and PESTEL analysis.
Porter’s Five Forces framework suggests that strategic success depends on understanding
and responding to the competitive environment, and demonstrates that the state of
competition in an industry is a composite of five competing forces, as shown below

(Michiotis, 2005):

Threat of New

Entrants
Bargaining Power | Rivalry among Existing +— | Bargaining Power
of Suppliers Firms of Buyers

!

Threat of Substitute
Products

Figure 6 — Porter’s Five Forces Model. Source: Michiotis (2005).

Rivalry among existing firms is usually the most powerful of the five competitive forces
and depends on the offensive or defensive actions rivals initiate. The threat of new entrants
into a market can reduce profitability because they add new production capacity and

compete for market share. The bargaining power of buyers can affect prices or product
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features, when buyers are many or buy high volumes of quantities. Substitute products can
reduce profit potential, as they encourage customers to make quality and price comparisons,
imposing a ceiling on prices. The bargaining power of suppliers can affect prices and

product quality, threatening industry profitability (Michiotis, 2005).

GenAl transforms significantly Porter’s Five Forces model by altering competition, market
entry barriers, and value chains. Rivalry among existing firms is becoming intensive, as the
pressure for innovation and differentiation increases. The threat of new entrants is rising,
since GenAl tools reduce the need for technical expertise and lower entry barriers through
cloud computing, open-source tools and automation, enabling new firms to enter markets
more easily. The bargaining power of buyers is strengthening, as customers can easier access
Al applications that allow price and product comparisons, and demand personalized
services. Substitute products are growing, as human intervention is limited and traditional
business models are replaced by automated customer service and content creation. The
bargaining power of suppliers is increasing, as there are still few companies that dominate

LLMs that power most GenAl applications (Levin, 2025).

PESTEL analysis evaluates the external forces that affect the environment in which an
organization operates and formulates its business strategy, and suggests that those forces
can be Political, Economic, Social, Technological, Environmental and Legal. By
systematically analyzing these forces, organizations can identify potential risks and
opportunities in the macroenvironment, supporting more informed strategic decision-

making (Vourdoubas, 2025).

GenAl changes the way that businesses perform PESTEL analysis by automating data
collection, processing large volumes of data and delivering real-time insights for each
PESTEL factor. Through pattern recognition and predictive analytics, GenAl helps
organizations identify trends that foster strategic decision-making and innovation. Natural
language processing enables the analysis of textual data from multiple sources, while visual
analytics improve communication and understanding of complex external factors. Since
PESTEL analysis is often used to identify the external opportunities and threats in a SWOT
analysis, GenAl becomes a major strength in strategic management, providing insights that

help organizations in formulating effective strategies (Habib, 2024).
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3. Methodology

3.1 Research Design

This diploma thesis is a secondary research based on the methodology of Systematic
Literature Review (SLR). This method enables the organized, transparent, and reliable
collection and analysis of existing scientific research regarding the use of GenAl as a
strategic business tool. Unlike a traditional literature review, systematic review follows a
regular procedure for searching, selecting, and evaluating available sources. Thus, it

reduces bias and increases the reliability of the findings.

The research is primarily qualitative, as it aims to give a critical and deep understanding of
the issues highlighted in literature and not statistical results. For this reason, the analysis of
the selected studies is based on qualitative thematic analysis. This allows us to categorize
the findings into topics related to the research questions of the study, such as: (a) the
strategic capabilities of GenAl, (b) its technological limitations, (c) the legal, ethical and

operational risks, and (d) the future prospects of its implementation.

The choice of the SLR is the most appropriate for this topic because research on GenAl is
fast growing and covers many different fields, including computer science, business
administration, strategy, ethics, and law. Besides, GenAl as a technology not only has
strong operational applications, but also significant challenges. This requires using a
methodology that enables us to gather, compare and interpret findings from different kinds

of sources (academic articles, case studies, reports of organizations).

Generally, with the SLR we get a complete and documented perspective of how GenAl
can be used as a strategic tool, under what conditions it adds value and creates competitive
advantage, and what governance and control mechanisms are necessary for its responsible

and effective implementation.
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3.2 Bibliography Search Strategy

3.2.1 Databases

The bibliography search process was performed in a systematic and structured way, as the
target was to collect reliable and scientifically documented sources related to GenAl and
strategic business administration. For this purpose, we chose Google Scholar as the basic
database, as it is one of the most used academic search tools worldwide. Its
interdisciplinary nature justifies this selection, as the subject of this study relates to
technology into business administration. Therefore, it requires access to both technical
literature (e.g. machine learning, LLMs, Al systems) and strategic management theories

(e.g. competitive advantage, RBV, dynamic capabilities, business innovation).

Google Scholar includes scientific articles from different domains, journals, and research
institutions and enables a holistic and cross-disciplinary approach to the topic. It also gives
access to academic articles, case studies, research reports and scholarly book chapters that
help to understand the practical applications of GenAl in the business sector. As GenAl is
rapidly evolving, Google Scholar gives easily access to recent publications, which are
important for capturing current trends and developments, and the option to use complex
combinations of keywords and filters (such as time limiting posts), which verifies the
systematization and transparency of the search. This process ensures that the selection of

the sources is not random but based on specific criteria.

3.2.2 Search Keywords & Combinations

The literature search process was based on carefully chosen keywords that highlight
GenAl as a technology and its strategic use in business. The keywords were picked to
match the research questions of the study. This ensures that the results are directly related
to GenAlI’s capabilities, limitations and future prospects. To make the search more
systematic and complete, we used Boolean operators such as AND and OR. These
operators help combine terms and adjust the theme of the results. Specifically, we used the
OR operator to combine similar or related terms, while we used the AND operator to link
different concepts, like technology and strategic management, and to produce more

relevant results.
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The main search string used is as follows:

("Generative AI" OR "GenAI" OR "Large Language Models")AND("Strategic
management" OR "Competitive advantage" OR "RBV")AND("Business" OR "Strategy")

The first group of keywords ("Generative AI" OR "GenAI" OR "Large Language Models")
ensures that the results relate to GenAl and LLMs, which are at the core of the technology.
The use of different terms is essential because researchers often use different names to

describe the same technology.

The second group ("Strategic management" OR "Competitive advantage" OR "RBV")
connects technology with strategic management theories and concepts. The inclusion of
terms such as "Competitive advantage" and "RBV" extract studies that examine GenAl as a

source of strategic value and sustainable competitive advantage.

The third group ("Business" OR "Strategy") narrows the results to the business context,
excluding studies of a purely technical nature, unrelated to organizational or strategic

applications.

3.2.3 Time Range
The literature search was limited to the years 2015-2025 to ensure that the selected sources
were recent and relevant. This period is directly linked to the evolution of Al and, especially,

GenAl in business environments.

In the period after 2015 machine learning and deep learning technologies have shown
significant progress, as well as neural networks and transformer architectures have been
gradually developed. Research into LLMs has accelerated significantly since 2017 with the
introduction of transformer models, creating the technological foundations, on which

modern GenAl tools were built.

GenAl started to spread fast in the business world after 2022, when advanced language
models became available to everyone and companies around the world started to use them.
Since then, there has been a jump in research and case studies about how GenAl can be used

in important areas like marketing, finance, supply chain, and human resource management

Including studies up to 2025 means that we have the information on how GenAl is being

used and what is happening right now. We get to see the trends and the challenges that
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companies are facing with GenAl. We also get to learn about ways to govern this
technology. Meantime, studies published before 2015 were excluded because they mostly
refer to traditional forms of Al and not to the genetic dimension that is the focus of this

research.

3.3 Inclusion and Exclusion Criteria

To ensure the quality, relevance and reliability of the literature used in the systematic
review, clear inclusion and exclusion criteria were established in advance, that enhance the

transparency of the methodology and reduce the risk of subjective choice of sources.

3.3.1 Inclusion Criteria

The study mainly included scientific articles that have undergone a peer review process, as
this process ensures a high level of scientific validity and reliability of the findings, enhances
the theoretical background of research and reduces reliance on undocumented sources.
Although in some cases reliable practitioner articles or working papers were used, this was

only done when their contribution was directly relevant to the strategic object of the study.

A key inclusion criterion was the direct connection of each study with strategic management
or business environment. Specifically, only sources that relate GenAl to strategy
formulation, organizational performance, innovation, transformational change, or creating
and maintaining a competitive advantage were selected. This criterion is important, as the
main goal of the paper is to explore GenAl as a strategic business tool and not as a sole

technological innovation.

Also, articles that explicitly refer to either strategic capabilities or risks related to the
adoption of GenAl were selected as well. Strategic capabilities include increasing
efficiency, accelerating innovation, improving decision-making and developing dynamic
capabilities. Respectively, risks include technological limitations, legal and regulatory
issues, ethical challenges and organizational dysfunctions. This requirement is directly
related to the research questions of the study and ensures that the analysis remains relevant,

considering both the opportunities and limitations of the technology in the strategic context.
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3.3.2 Exclusion Criteria

Apart from the inclusion criteria, a set of exclusion criteria was applied as well to ensure
that the analysis remains coherent and relevant. At first, studies that focused on general
technological descriptions, algorithmic improvements, model architectures, mathematical
proofs, or programming details, without any mention of the strategic, organizational or
business dimension of GenAl, were excluded, since this paper focuses on the business and

strategic utilization of this technology, and not on its technical analysis.

Then, duplicated articles identified during the search process were removed. When the same
study was revealed, only one version was included in the review. That helped to avoid
repetition and overrepresentation of specific authors or findings. This practice is essential

in systematic review, as it ensures objectivity and balance of the analysis.

At the end, sources not available in full text were excluded as well, as access to the full
content was set as a prerequisite for the proper evaluation of the methodology, results,
constraints and the overall contribution of each study. Abstracts alone are not sufficient for
systematic analysis, as they may omit critical information necessary for the interpretation

and evaluation of the findings.

3.4 Article Selection Process (PRISMA)

The process for the selected articles was based on the principles of PRISMA (Preferred
Reporting Items for Systematic Reviews and Meta-Analyses), with the aim of searching and
selecting the bibliography in a transparent way. However, as this study is a systematic
review and not a complete meta-analysis, the process was limited to a selection of the most

relevant and available studies.

The original search was done on the Google Scholar database, using the following search
string: ("Generative Artificial Intelligence" OR "GenAlI" OR "Large Language Models" OR
"LLMs" OR "GPT") AND ("Strategic management" OR "Business strategy" OR
"Competitive advantage"). The time horizon was set from 2015 to 2025, and the language
was limited to English. Academic articles, working papers, book chapters and practitioner
articles with a clear strategic orientation were included. The selection of articles was based

on the first results returned by the search engine, sorted by relevance ranking. From the first
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available results, the titles and summaries were examined and those that met the following

criteria were selected:

e aclear link to strategic management
e areference to competitive advantage or capabilities

e asubstantive discussion of impacts, constraints or future directions

In the initial search, 98 articles were identified and screened with no duplicates, as
duplicated records were already blocked. 41 out of the 98 articles were excluded, as they
were technically oriented and irrelevant to the research questions of the study. 2 articles
were not included for technical reasons (the files were not opened) and 5 articles were
excluded, as the full text was not available. The final sample consisted of 50 articles, which
were available in full text and were considered to be the most relevant to the research
questions. These 50 articles formed the basis of the analysis and were categorized based on
theoretical framework (e.g. RBV, Dynamic Capabilities View, strategy and governance),
strategic focus, reported capabilities, limitations, risks and suggestions for future research.
Figure 7 shows the total number of the 50 selected articles that responded to each research
question, while the relevant PRISMA Flow Diagram is shown in Figure 8, briefly

illustrating the selection process.

Figure 7 — Distribution of responses across research questions (RQ1-RQ4).

Source: Own elaboration.
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Figure 8§ — PRISMA Flow Diagram. Source: Adapted from Page et al, 2021.

3.5 Coding and Analysis Process

To enhance scientific precision, a systematic process of coding and thematic analysis was

implemented.
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Initially, a data extraction table was created (Table 1), in which the following were

recorded for each article:
e Author and year of publication
e Type of study
e Theoretical framework
o Strategic focus
e Reported capabilities
e Reported limitations
e Reported risks
e Proposed future directions

The analysis followed thematic clustering, based on the four research questions (RQ1—
RQ4). Each article was classified in terms of its contribution to one or more research

fields, as shown in Table 2:
e RQI: Strategic Capabilities and Transformation
e RQ2: Technological Limitations and Adoption Constraints
e RQ3: Risks for Businesses
e RQ4: Future Perspectives and Strategic Integration

The classification showed that the majority of studies are interdisciplinary in nature,
covering more than one research question. This indicates the interconnected nature of the
field, where strategic capabilities, limitations, risks, and future prospects are closely
interrelated. The analysis was not limited to a descriptive depiction, but proceeded to a

comparative and synthetic interpretation, identifying:
e Points of theoretical alignment
o Points of tension or contradiction
e Repeating patterns

e Research gaps
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In this way, the study moves from a simple bibliographic review to a conceptual synthesis,

leading to the formulation of the proposed strategic framework of Chapter 4.
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CODING
4 [Author (Year) RQ1/RQ2[RQ3[RQ4
1 |Lanfranchi etal (2025) |V v v

2 |Cui etal. (2024) VAN VA N ¥

3 |Lindell (2025) J oo v

4 |Tuomimaa (2025) v v v v

5 [Prado & Mantovani 2025)|V v [v |v

6 [Wunder et al. (2025 J oo v

7 |Dzreke (2025) v v v v

8 [[Cano-Marin (2024) J VooV

9 [Ruokonen & Ritala (2025) |V AV
10|Gutsol (2025) v v v v

11| NuBbaumer (2025 J Vv
12|Halimuzzaman 2025y |V |v v |v
13|Kanbach et al. (2024) v v v v

14| Ayyoobi (2025) J VooV
15| Stores (2025) J v oo v

16 Zavrazhnyi etal 2024) |V |v v |V
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# [Author (Year) RQ1|RQ2[RQ3[RQ4
17|Bharti et al. (2023) v v Y
18(Forsell (2024) v v [V
19|Cervin et al. (2023) v v W
20(Cook et al. (2024) v v Y
21|Marko (2023) v IV
22(Jean (2023) VAR VAR YA
23|Briiggemann et al. (2025) |v ||v' |V |V
24| Smith (2025) / RV,
25||Shen & Badulescu (2025) |V (V' [v |V
26(Sharma (2023) v vV Y
27Bjsrkbom (2024) v IV
28[Haque (2025) VAR VAR YA
29(5almo (2024) v vV Y
30|Icons (2025 SOl
31|Mandigo (2024) v
32||Ettinger (2023) v
33|Budhwar et al. (2023) J

34l AbouElgheit (2023) S
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ot o (e RQ1[RQ2|RQ3[RQ4
35|L1 (2025) v

36(Rana et al. (2023) v

37| mpink & Wright (2025) |v

38|Lafqwvist (2023) v

39|Ratajczak et al. (2023) |V

40| Avezov (2023) v

41|Rodriguez et al. (2025) v
42(Waters-Lynch et al (2024) v

43| Al-Kfairy (2025) v
44| Sivathanu et al. (2025) v
45(Candelon et al. (2023) v

46(Bohr (2025) v
47| Xu et al. (2026) v
48|Bughin (2024) v

49|Kumar (2023) o

50(Danék & Pospisil (2024) v

Table 2. Coding-correlation based on research questions
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3.6 Methodology Limitations

Despite the systematic review approach used in the literature search and selection process,
some methodological limitations exist, that are important to identify in order to ensure

scientific transparency and correct interpretation of the findings.

Initially, there is a risk of bias in publications, since studies with positive or innovative
results are usually more likely to be published than the ones with negative or insignificant
findings. In the GenAl area, technology is considered transformative and revolutionary.
Thus, publications that focus on strategic opportunities and competitive advantage may be
overrepresented, while publications that focus on wrong implementations, organizational
failures, or unsustainable adoption may be underrepresented. This consequently can create

an optimistic overestimation of GenAl's strategic capabilities.

Additionally, the search was limited to sources in English language. While this restriction
gives access to the international academic debate, it may exclude important research
contributions from non-English speaking countries, as GenAl is strategically adopted and
used very differently in various geographies, institutions, and cultures. Thus, studies
published in other languages may provide alternative perspectives on issues of regulation,
ethics, governance and organizational integration. The linguistic restriction, therefore, may

affect the geographical and institutional representativeness of the sample.

Finally, a particularly important limitation relates to the ongoing evolution of GenAl
technology. The field is characterized by rapid technological developments, successive
versions of models, changes in regulatory mechanisms and continuous adjustment of
business practices. Therefore, the conclusions of this study reflect the state of literature
and technological maturity at the time that data were collected. Of course, it is possible
that some technological weaknesses, such as hallucinations, bias, or interpretability, will
be significantly mitigated soon. Although, new risks or strategic challenges might arise.
Thus, the dynamic nature of the object means that the results should be considered as

temporary rather than definitive or eternal.
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4. Analysis of Findings

4.1 Descriptive Results

This chapter shows the descriptive results of the literature review, based on the
composition and basic characteristics of the final sample. In total, the sample included 50
articles, all of which were available in full text and considered quite relevant to the
research questions of the study, ensuring the methodological consistency and analytical

adequacy of the review.

The time range of publications demonstrates a strong concentration during the period
2023-2025 and reflects the rapid academic and professional engagement with GenAl after
the popularization of foundation models. Before 2022, few relevant reports were found,
while the largest percentage of studies were published in 2024 and 2025. This confirms
that the field is still under theoretical and conceptual formation, with limited but still

growing empirical evidence.

As long as sectoral breakdown is concerned, a large part of the studies has a general
strategic orientation, without focusing exclusively on a specific industrial sector. However,
relevant thematic references appear mostly in the domain of marketing, strategic planning
and decision-making, digital transformation, business model innovation, and supply chain
management. On the contrary, references to financial services, B2B environments and
small and medium-sized enterprises (SMEs) appear less frequently. This implies that the
debate remains largely at the level of the strategic framework, with selective rather than

systematic sectoral analysis.

Regarding the type of studies, most of them are based on theoretical analysis and
development of conceptual frameworks or proposals for strategic integration. Few of them
are empirical, and include quantitative analyses, case studies or text mining approaches.
Additionally, some articles are classified as systematic reviews or practitioner-oriented
analyses. This breakdown suggests that the role of GenAl in strategic management is still
in a state of theoretical development and empirical evidence is emerging, but still
somewhat limited. This finding also explains why emphasis is given on conceptual
frameworks and proposed integration models, rather than on actual historical strategic

performance data.
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4.2 Findings Based on Research Questions

4.2.1 RQ1 — Strategic GenAl Capabilities

As noted in literature, GenAl is more than a tool to automate things. It actually changes the
organizational and operational competencies of businesses, acting as a capability amplifier.
It makes businesses work better by improving their existing resources, like data, human
capital, knowledge of processes and digital setup. Thus, this technology helps businesses
learn, analyze and make decisions faster. The importance of GenAl in business strategy
however does not come naturally. Instead, it is based on how it is combined with planning,

data, skills and rules within a business (Lanfranchi et al., 2025).

GenAl changes the way companies plan and decide and helps them be more flexible and
competitive. It actually does this by processing a lot of information that helps companies
understand what is happening in the market and how to run their operations smoothly. Thus,
it helps them to identify market trends more accurately and make moves to keep up with
what people want. It could be said that it is like an assistant that makes big changes happen
and helps businesses to adapt to changes and develop more agile, dynamic, and data-driven

strategic plans (Li, 2025).

From the RBV Theory perspective, the adoption of GenAl does not automatically create a
sustainable competitive advantage, as general-purpose models are widely available and thus
easy to imitate. Indeed, startups that integrate GenAl into product development do not
necessarily perform better, but in several cases, they get lower funding due to their limited
ability to differentiate against competitors, who use the same foundational Al models. This
results in homogenization of products and processes and limits the creation of sustainable
economic resilience (Impink & Wright, 2025). Differentiation though comes when
technology combines unique elements such as proprietary data, specialized expertise, an
organizational culture of experimentation, and developed learning routines. In this way,
GenAl becomes a resource that meets the VRIO criteria and transforms from a generic
technology into a strategic asset. The competitive outcome therefore does not stem from
access to technology, but from the unique arrangement of resources and capabilities that

accompany it (Lanfranchi et al., 2025).

On operational level, the first and most immediately visible strategic capability concerns the

increase in productivity and efficiency. GenAl accelerates the analysis and synthesis of large
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volumes of information, content production, and support for complex cognitive work,
reducing the task completion time and increasing the operational efficiency through better
resource utilization and faster decision-making, especially when it is coupled with
personalization capabilities, predictive analytics and rapid organizational adaptability. Its
value though is not limited to replacing repetitive tasks or human labour but extends to the
augmentation of employees by saving time for more complex tasks, and to a possible
increase in revenues or market share, under strategic utilization and the businesses’ dynamic
abilities to detect, capitalize, and transform opportunities (Budhwar et al., 2023, Bjérkbom,

2024, Zavrazhnyi et al., 2024, Avezov, 2025).

Beyond efficiency, GenAl accelerates innovation and experimentation, as it facilitates
ideation, alternative generation, rapid prototyping, and hypothesis testing at lower costs.
Moving faster from idea to test and from test to review enhances the organization's dynamic
ability to innovate products, services, and business models, and supports strategic
transformation. Thus, GenAl doesn't just generate more ideas, but enhances the learning

loops tied to dynamic capabilities (Jean, 2025, Cervini et al., 2023).

Particular emphasis is placed on the potential of mass personalization and differentiation
through customer experience. Through LLMs, businesses can move beyond imitation-based
competition, referred to as the Red Queen Effect, as they can tailor communication and
content to different customer segments, develop Al-enabled customized offerings, enhance
personalization capabilities, and exploit unstructured customer data for richer market
intelligence, maintaining consistent brand identity. GenAl supports sentiment analysis,
social listening, and dynamic adaptation of marketing strategies, enhancing engagement and
loyalty (Kumar, 2023, Cui et al., 2024, Bharti et al., 2025, Abou Elgheit, 2025). However,
the sustainability of this differentiation depends on leveraging proprietary data, that enhance
firms’ ability to identify customer preferences, rather than horizontal, public models used

by everyone (Cook et al., 2024).

On a strategic level, GenAl enhances decision-making, as it supports forecasting, scenario
generation and risk analysis, expanding the range of alternatives and improving the quality
of management discussion (Ayyoobi, 2025, Wunder et al., 2025). In volatile environments,
the ability to produce and compare multiple scenarios enhances organizational resilience
and adaptability. Thus, its value here is more related to improving the quality of decisions

and reducing cognitive limitations than to simple cost reduction.
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The literature emphasizes that GenAl's strategic capabilities are scalable and depend on
firms’ underlying Al capabilities and the depth of integration. This implies that
organizations need to feed GenAl tools with their corporate data to create self-sufficient
systems (Cook et al., 2024). Specifically, they need to involve data of high quality, the right
technology, people who have Al expertise, and ways to make it all work together (Bughin,
2024). The more they use GenAl with their data and the way they do things the more likely
they are to create a system that learns and improves on its own. Meanwhile, new ways of
working are coming up, such as being able to ask for what we need, organizing our data,
and knowledge structuring. These new ways help us take what we already know and make
it something that the whole organization can use (Briiggemann et al., 2025). So, GenAl
makes our judgment better by giving us faster access to knowledge and helping us

understand it without replacing humans in decision making.

In general studies show that buyers and suppliers think GenAl is mainly valuable for
automating tasks and saving time. This means that the main benefit of GenAl for them is
that it makes processes more efficient, while it does not necessarily improve the products.
They also think that GenAl will become a feature that everyone has access to rather than a
special advantage that sets some companies apart. This implies that people think that the
value of GenAl will be diminished long-term as more companies start using it, although
they are currently willing to pay more for GenAl because it is new and popular. These
findings suggest that how valuable people think GenAl is can change, and its value will not

matter, unless companies use GenAl along with unique features (Lofqvist, 2025).

Industry evidence further shows that companies mainly see GenAl as a way to boost
productivity, efficiency and personalization. They do not think GenAl can create
differentiated outputs. According to Boston Consulting Group (BCG, 2023), marketing
leaders get benefits from GenAl in areas like content creation and personalization, with
productivity gains of up to 30%. However, BCG notes that just using GenAl is not enough.
Companies need to implement it in a way that is unique to them, link it with their own data
and integrate it into their operations. This means that companies view the basic GenAl
capabilities as easy to copy and what really makes GenAl valuable is how it is implemented

and to which data it is linked.

Broader enterprise Al literature shows similar findings. There, companies relate GenAl

value with terms like increased labor productivity, lower costs, faster time-to-market and
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better customer value (Avezov, 2025). These findings support the idea that both buyers and

suppliers value GenAl according to its performance and not just its capabilities.

4.2.2 RQ2 — Technological Limitations

Despite the strategic capabilities of GenAl, it is confirmed in literature that its adoption and
reliability in strategic processes is limited by structural barriers. These barriers stem from
the nature of the foundation models, like the probabilistic text production and limited
justification, from the quality and availability of data, from the complexity of integration
into organizational infrastructures, and from the control and accountability problems when
results are used in high-risk decisions. Therefore, the critical question for businesses moves
from "what GenAl can do" to "how reliably it can do it" in real-world workflows, where a

mistake can cost financially, regulatory, or reputationally (Prado & Mantovani, 2025).

A first limitation comes from technology’s disability to satisfy strategic uniqueness when
used as a standard solution. The widespread availability of GenAl tools increases cognitive
capabilities but at the same time reduces the potential for substantial differentiation, as many
organizations use similar models and practices. Under this view, technology functions as a
general infrastructure and not as a unique strategic resource. Consequently, the competitive
outcome is not about the adoption of the technology, but about how it is integrated, how it
is fed with firm-specific data, and how it is organized through processes and governance

(Cui et al., 2024).

A second limitation is that generic models often generate generic outputs by nature. Because
they are trained in widely available data, they often generate predictable ideas, standardized
texts, and strategic proposals that do not reflect the firms’ specific knowledge. This makes
it less likely that the model will come up with useful strategic insights, and leads to
homogenization, particularly when the model is not trained in organizational knowledge or
proprietary data. Thus, when multiple organizations use the same model with similar
assumptions, the conclusions tend to be similar, something that is particularly discouraging

in environments where differentiation is needed (Candelon et al., 2023, Cui et al., 2024).

A third big limitation with GenAl is that it cannot always be up to date. LLMs have limited
memory space so they might use outdated information. This causes issues in changing

environments where things like new regulations, competitor actions, prices or technology
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advancements are always being updated. In strategic decisions, even small changes in the
environment can overturn results, so static knowledge is a practical problem of reliability.
The emergence of solutions like Retrieval-Augmented Generation (RAG) shows that
without access to updated and reliable sources, the model can produce convincing but

mistaken estimates (Zavrazhnyi et al., 2024).

Another limitation closely related to reliability is the issue of hallucinations that act as a
barrier on the practical implementation of GenAl, as models can produce responses that
look coherent and professional but are inaccurate or fabricated (Sivathanu et al., 2025). This
can lead to wrong strategic decisions, as the risk of misleading confidence increases by the
persuasive nature of generated responses that may disregard inaccuracies and create false
certainties. This in turn creates a need for systematic oversight and human auditing, reduces
the technology’s autonomy and, often, limits some of the promised gains in time and cost.
However, the literature clearly notes that, without such control mechanisms, organizational
trust and therefore adoption dynamics are undermined (Candelon et al., 2023, Zavrazhnyi

et al., 2024).

A further key limitation is the dependence on data, as data quality drives the accuracy of the
results. Thus, bias, incomplete representativeness, low quality data, or poor data structure
can lead to distorted suggestions. On organizational level, this relates to data readiness, as
without clean, unified, and well-governed data, GenAl applications remain fragmented and
do not scale. In addition, it emerges that the amount of data is not enough as there is a
threshold effect where the benefits of additional data are saturated, if there is no algorithmic
adaptability and data-decision-action linkage. Otherwise, organizations risk accumulating

data without real utilization (Dzreke, 2025).

Another limitation concerns transparency and explainability. The vague nature of models
makes it difficult to justify how a conclusion is reached, which constrains strategic use,
where executives must be accountable for decisions. Limited explainability fosters mistrust,
increases the need for human validation, and is directly linked to the trust issue. In the
literature, responsible Al governance appears not only as an ethical choice, but as a
technological and organizational prerequisite for the acceptance of GenAl in a strategic

environment (Prado & Mantovani, 2025).
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The above limitations are intensified by the technical complexity of the strategic use cases.
Tasks such as information collection and summary are comparatively easier, while strategy
formulation requires creativity, multi-criteria weighting and stakeholder interaction,
increasing technical risk. The literature shows that use cases with a higher productivity
impact tend to be technically more complex, so the most attractive applications are often the

most difficult to implement reliably (Wunder et al., 2025).

A big limitation also is GenAl integration into legacy systems and architectural fragility.
GenAl needs to be connected to ERP/CRM, data warehouses, access rules, and monitoring.
Embedding difficulty increases implementation costs and time and creates risks of failures,
especially in multi-step pipelines where cascading errors can occur. That is why reliability
is not treated as an inherent property, but as the result of designing an entire socio-technical

system with validation layers and clear protocols (Jean, 2025, Briiggemann et al., 2025).

Finally, literature highlights skills shortage and prompt literacy as a crucial constraint. The
issue of lack of skills doesn’t imply only that there must be skilled engineers in every
organization that adopts GenAl models. It also implies that the final users must be able to
evaluate outputs, identify failures, and apply control practices. Thus, even if the technology
is available, it may not function properly without human expertise, use instructions, and

organizational maturation (Bjorkbom, 2024).

4.2.3 RQ3 — Legal, Ethical and Operational Risks

GenAl integration into businesses is not just a simple tech upgrade but an addition that
affects rules, roles, responsibilities, workflows, and finally the organization's institutional
credibility. That is why the risks indicated in the literature go beyond the accuracy of the
models and include legal obligations, ethical consequences and operational failures. These
risks affect strategic coherence, customer trust and the viability of the competitive position
in the market. They are considered as socio-technical phenomena that arise from the
interplay of technology, data, people, and institutional frameworks. So, they require multi-
layered mitigation policies rather than individual technical solutions (Lanfranchi et al.,

2025, Prado & Mantovani, 2025, Tuomimaa, 2025).

On legal level, the biggest risk is the intellectual property protection. The creation of content,

like text, images, or code, may cause copyright or trademark violations, or uncertainty about
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what is considered original and who is the creator. The literature notes that, even when the
output seems new, it is not always clarified how it is connected to the training material or
created legally, especially when the content is published or commercialized (Lanfranchi et
al., 2025). At the same time, there is doubt about who owns the outputs, and specifically
who owns the exploitation rights and who and under what conditions can reuse the content,
especially when third-party providers, external models or co-creation processes are involved

(Rana et al., 2023, Bharti et al., 2025).

Apart from that, there is also the risk of accountability. When a GenAl system shapes
supplier choices, communication campaigns, product features, or compliance decisions, an
incorrect output creates conflict of responsibility among the end user, the team that
integrated the system, the administration that approved the use, and the model provider. This
uncertainty damages the organizational coherence and creates the need for internal controls,
clear oversight roles, publication approval procedures and auditing (Lanfranchi et al., 2025,

Jean, 2025).

Privacy and personal data protection are another legal risks, particularly with applications
for service automation, personalized offers, and social listening. The literature refers to the
personalization-privacy paradox, according to which the higher the personalization of
services, the more data needed to be collected and analyzed. This creates greater risks of
privacy violations or personal data use that exceed the customer's permissions. Risk is even
greater in multimodal and perceptual Al applications, where data is richer and possibly
easier to identify. Thus, companies find themselves dealing not only with legal risks, like
sanctions or restrictions, but also the potential damage to their reputation, since privacy is
closely tied to the level of trust they build with their customers (Rana et al., 2023, Prado &
Mantovani, 2025).

On ethical level, bias in algorithms is particularly important, either it is caused by bias in
the training data or by the way organizations use the system. It can cause false assessments
of the market conditions, improper customer targeting, or unfair treatment in HR and
customer service, with reputational and legitimacy costs for the businesses (Prado &
Mantovani, 2025). Likewise, hallucinations can give wrong information to customers, as
they are often presented as persuasive matter of facts, while they never happened . Here the

ethical dimension is not only about reflecting the truth, but about the responsibility of the
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organization when producing content that can influence others’ decisions (Rana et al., 2023,

Zavrazhnyi et al., 2024).

Another ethical issue arises when companies use GenAl to declare who they are as brands
and how they speak to their customers, that is when they use GenAl to build their brand
identity. The unstructured use of GenAl in marketing and communication can alter
companies’ brand authenticity and lead to inconsistent styles as conversation grows,
discouraging their expanding strategies and harming their reputation. Under these
conditions, GenAl is considered as an impressive tool that has no clear strategy, and, without
human oversight, results in producing content quantity but eroding trust or differentiation

capabilities (Cui et al., 2024).

An additional ethical risk refers to security and malicious use of GenAl, as it increases
phishing and social engineering, especially in corporate environments, where it can be
exploited to extract unauthorized sensitive data. A cyberattack, as it is called, is not just a
simple technical incident but a significant threat to organizational credibility and customers'

sense of security (Bharti et al., 2025, Cook et al., 2024).

Beyond the legal and ethical ones, GenAl integration comes with operational risks as well,
that often determine whether an initiative will survive after the experimentation stage. When
organizations do not employ Al expertise or they do not have clear instructions for its use,
then GenAl creates uncertainty, resistance to change, and fear of losing control. Operational
failure comes, not from the application of insufficient GenAl model, but from the ambiguity
of goals, technical immaturity of the organization, weakness to evaluate outputs and absence
of validation processes. This, in turn, results in decisions that are based on insufficiently

verified information (Rana et al., 2023, Tuomimaa, 2025).

Related is the phenomenon of shadow user innovation, when employees experiment and use
GenAl tools autonomously, without clear approval, guidance or supervision from
management. This opacity creates serious governance blind spots, as the business often
does not know exactly where the technology is used, with what data, for what decisions and
with what level of control over the outputs produced. As a result, accountability, quality
control, compliance, and sensitive information protection risks arise from this interplay of
tools, incentives, routines, policies, and governance structures, while the productive use of

GenAl remains fragmented and difficult to convert into visible operational capability
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(Waters-Lynch et al., 2024). Therefore, the risk of false confidence is created, as people

trust the persuasiveness and speed of the output instead of its validity (Cervini et al., 2023).

At the same time, the risk of deskilling and capability erosion is highlighted. Over-
delegating creative or strategic functions to GenAl can gradually weaken internal
capabilities, diminishing teams' ability to spot mistakes, generate authentic thinking, or
innovate without the tool. In the long run, this creates dependence not only on technology
but also on suppliers, versions and access policies, increasing the strategic risk of changes

in the market or regulatory frameworks (Lanfranchi et al., 2025).

When GenAl is used in more complex ways, operational risks include instability and
consequent errors, as small errors can lead to decisions, thus greater errors, that impact
service levels and business continuity. This increases the need for quality control, validation
processes and clear operating rules, because otherwise the risk is not just a wrong answer
from the tool, but a repeated malfunction that affects real functions (Briiggemann et al.,

2025, Dhar, 2025).

Overall, as noted in the literature, the majority of GenAl's legal, ethical, and operational
risks comes from weak governance controls and incomplete integration strategies into
organizations. Lack in Al expertise, that could solve the problem of data governance, and
the need for balance between compliance and innovation are key factors that hinder secure
and effective scaling of GenAl adoption. This finding implies that GenAl risks are not just
technological in nature, but challenges that could be faced through clear oversight structures,
accountability architectures, and organizational mechanisms that balance innovation and

regulatory compliance (Ettinger, 2025).

4.2.4 RQ4 — Future Prospects

The future of GenAl is not just about models enriching or applications increasing but
depends on its strategic integration across businesses. Since GenAl use is becoming more
and more popular, it is up to how companies will link this technology to idiosyncratic data,
organizational insights, learning mechanisms, and control structures that are difficult to
imitate, so they gain competitive advantage (Lanfranchi et al., 2025, Cui et al., 2024). Thus,
the future prospect is not just about more automation but about how a generic technology

can be used to create competitiveness and sustainability.
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Under the RBV and Dynamic Capabilities theories, GenAl is not a source of advantage
unless it is utilized in ways that add value to businesses. This can only be done when GenAl
is linked and fed with companies’ proprietary data, routines, culture and know-how in ways
that are inimitable for competitors, and provided that it is constantly updated, as a dynamic

capability (Lanfranchi et al., 2025).

As a baseline, using generic tools creates limited differentiation, because everyone uses the
same models. On the contrary, when organizations enrich these tools with their own data
and institutional knowledge, the benefits become much greater. The most advanced stage
is collaborative logic, where GenAl not only generates outputs but also improves through
feedback, and is based on deeper interaction with humans. As a next strategic frontier, the
shift towards multimodal experiences is proposed, where differentiation shifts from content
production to the creation of experiences and relationships that are more difficult to replicate

(Cui et al., 2024).

However, this transition is not automatic, as GenAl does not create advantage without
administrative skills that activate sensing, seizing, and transforming, that is the ability to
identify the right use cases, leverage them at the right time, and transform them into
organizational routines. This requires clear Al strategy and guidelines, a culture of
readiness, training, and investments in solutions or partnerships that address capability gaps.
In other words, the future of GenAl depends less on the intelligence of the model and more
on the maturity of management in integrating it effectively (Tuomimaa, 2025). This implies
that GenAl may either upskill or deskill the workforce depending on whether it is deployed
for automation or augmentation, while organizational hierarchies are likely to evolve non-
linearly rather than flatten immediately. Importantly, demand for senior expertise may
increase in the medium term due to the continued need for validation, oversight, and
exception handling. These findings indicate that future workforce transformation under
GenAl will depend on strategic implementation choices rather than technological capability

alone (Xu et al., 2026).

The emphasis on the future strategic integration of GenAl is also addressed by the socio-
technical perspective, under which the value of technology does not only depend on the
existence of individual use cases, but on how they are systematically designed and integrated
into the organization. In particular, it is suggested that organizations should develop GenAl

use cases at baseline, intermediate, and meta-level, and consider their integration with
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vertical, horizontal, and end-to-end logic so that the technology can be connected to the
organization's operations, workflows, and broader socio-technical structures. In this way,
the future prospects of GenAl are not only linked to the technical refinement of models, but
to the development of strategic planning and organizational orchestration frameworks that

allow for scalable and coherent integration (Mandigo, 2024).

Another future concern is how organizations consider strategic performance, as they usually
separate value creation from value capture. While value creation, which includes faster
analysis, higher productivity, and new customer experiences, is numerically measured
through companies’ KPIs, value capture remains limited, especially when the value is
intangible, like brand name, know-how and reputation. The literature then notes that the
challenge is how organizations measure the impact of GenAl adoption on areas such as
brand value, organizational learning, and legitimacy. This implies that success will depend
on their ability to make GenAl part of daily routine operations, show tangible benefits, and
gain stakeholder trust in its value (Prado & Mantovani, 2025).

When it comes to the practical implementation of GenAl, organizations need to combine
simple technical tools that help them identify gaps in data and validation processes with
more complex versions that link to their proprietary data and culture in ways that are difficult
to replicate. In other words, integration should be done gradually as a maturation process
through task decomposition, data requirements, prototypes, and measurements, and not as a
rapid digital initiative (Wunder et al., 2025). Under these conditions, GenAl will
increasingly expand and become incorporated into a wide range of organizational functions,

including marketing, finance, business intelligence, HR and operations.

The future of GenAl is going to be really exciting with the creation of more autonomous Al
agents that will be able to work in real time, adjust to the current conditions and make
decisions without needing too much help from people. The use of GenAl is also becoming
more popular in learning, where it enables personalized training and assessment, so people
learn in a way that is tailored to them. This makes learning fun and interesting, while
companies can use GenAl to help their employees evolve professionally. There are some
things though that impact the future benefits that arise from the effective use of GenAl, and
companies need to think about. They need to make sure they treat people fairly and keep
their information private. They also need to think about how much it will cost to implement

GenAl and how they will help their employees learn skills (Dan€k & Pospisil, 2024).
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Looking to the future, the literature notes that GenAl is a part of how companies work and
of their digital transformation. It is used in ways that help people make decisions and make
different parts of the company work together. To make this change happen, companies need
to come up with ways to govern GenAl . This means that companies need to make rules,
have people watch over GenAl to make sure it is fair, and have frameworks to make sure
GenAl is used correctly. At the time companies need to help their workers learn new skills
and understand GenAl. The important thing is that, for GenAl to be used in the long term,
people need to work together with GenAl in a way that combines what people are good at
with what GenAl is good at. This way, GenAl will help people make decisions and do their
jobs more easily rather than replace them (Al-Kfairy, 2025).

Overall, the literature suggests that the big future challenge is the gap between trying
something and actually making it work everywhere. Lots of companies start projects but not
many can make these projects work for the whole company. To fix this problem, companies
need to change the way they work and invest in skills. They also need to make sure they are
using GenAl responsibly, because trust is very important if we want to make things work
on a scale. So the future of GenAl in strategic management is shaping up to be a transition
from a productivity tool to an organizational operating system that combines technology,
data, people, and rules, and that is exactly what will determine who will reap sustainable

value (Lanfranchi et al., 2025).

4.3 Synthetic Analysis

The findings of the four research questions show that GenAl is not another digital tool, but
a technology that can change the way businesses work, learn, make decisions and create
value. However, just using GenAl does not make it important, but its strategic value depends
on how it fits into the rest of the business systems like resources, processes, data and

governance.

First, GenAl helps businesses learn faster, make better decisions and be more productive
and flexible. At the same time, it helps businesses come up with new ideas, try them out and
make them real, and satisfy their customers by giving them what they want. However, the
strategic value of GenAl depends on whether it is connected with complementary

organizational resources, such as proprietary data, experience with Al, good governance,
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and a culture that likes to learn and try new things. The main point that everyone agrees on
is that GenAl is rarely a VRIO resource on its own, but it becomes a good strategy when it

is used with resources that are hard to copy (Lanfranchi et al., 2025).

Second, GenAl has some technological barriers that affect how well it works. These barriers
include things like hallucinations, limited explainability about what it does, dependence on
data quality, making similar outputs and being hard to connect to existing systems. These
issues mean that GenAl cannot fully automate high-risk tasks on its own and require human
supervision. The real question then is not if GenAl can do a task but if it can do it reliably
with people accountable and consistently so it can be used in critical tasks, where mistakes

can have consequences.

Third, the fact that GenAl is widely used creates a lot of legal, ethical, and operational risks,
which are not about the technology itself but about how we use it. Issues about who owns
the results, personal data protection, accountability, algorithmic bias, spread of false
information, security threats and organizational deskilling are typical examples of these
issues that can limit the sustainable use of technology. Similarly to this view, the literature
notes that most of these risks are not just because of GenAl itself, but because there are
insufficient rules and plans for how to properly use it. So, the successful use of GenAl
presupposes that we have to think about it as a big challenge for the whole organization and

not just as a simple tool that we use.

Fourth, when we think about what the future of GenAl might be, we can see that it is
changing from a tool that helps us be more productive to a fundamental part of how
businesses work. The literature states that what will make businesses different from each
other in the future is not just that they use GenAl, but how well they can make it a part of
everything they do. GenAl will be used in different ways, and it will work closely with
people to help them make decisions, learn new things, and do their daily work. GenAl will
not replace people, but it will help them do their jobs better. So, organizational
competitiveness in the future will depend on whether businesses make GenAl a strong part
of who they are and not just something they use sometimes. They have to make GenAl a

part of their organization that is always changing and getting better.

The analysis of the findings, which are shown in Table 3, shows that GenAl should be seen

as a tool that helps businesses change and improve over time than a solution that can be used
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on its own. This is because GenAl has a lot of potential to help companies become more
efficient, learn new things, come up with new ideas, and make good decisions quickly.
However, the real value of GenAl depends on how it is integrated into the company as a
whole. The sustainable utilization of GenAl depends on companies’ ability to change the
way they use technology so that it is not a tool that they use but a part of how they do
business. This means that companies need to connect their GenAl systems with important
parts of their business such as the data they use, the way they are organized, the people who

work for them, and the way they are structured.

Consequently, the main conclusion of this research is that GenAl is not something that can
give a company a lasting advantage over others on its own. Instead, GenAl is something
that can help a company make the most of its strengths, and its value depends on how, where
and under what conditions it is used. Companies that can combine GenAl with diversified
resources, such as good leadership, strong governance structures and the ability to adapt to
change, are more likely to transform GenAl from an operational improvement tool to a
sustainable strategic lever of competitiveness. Businesses that have these things in place can
use GenAl to make their operations better, and to help them make decisions and achieve

their goals, which can lead to long term success.
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4.4 Proposed Conceptual Framework

The findings on research questions of chapter 4.2 and the synthetic analysis of chapter 4.3,
propose a comprehensive strategic framework that shows how GenAl can be changed from
a tool to a source of sustainable competitive advantage. This framework is organized around

a sequential and dynamic chain of relationships, as shown in Figure 9:

Inputs — Capabilities — Strategic Outcomes — Risks — Governance Controls —

Sustainable Advantage

The logic of the model is not linear and static, but circular and evolutionary. Outcomes and
governance mechanisms re-influence inputs through feedback loops and organizational

learning, strengthening or weakening the organization's strategic position over time.

4.4.1 Inputs: Strategic Conditions and Resources

The first level of the framework refers to the strategic resources and conditions that GenAl
needs in order to work effectively. As it is noted in the literature, just using GenAl or tools
that offer GenAl services, does not create a strategic advantage itself. The value of GenAl
depends on what kind of resources are used with it and how these resources are organized.
One important thing is that companies have their own proprietary data assets, with which
they can enrich models and make them domain specific. Also, companies need to have
digital infrastructure, that is ways to move data around special computer systems and cloud
storage, so GenAl can be used safely and reliably. At the same time, companies need to
have staff who understand GenAl and can use it well, which means that they can ask GenAl
the right questions, understand what GenAl says, and know what GenAl can and cannot do.
Finally, companies need to have a culture of learning and a clear plan for what they want to

achieve with GenAl, otherwise it remains just a tool that it is not used to its full potential.

4.4.2 Capabilities: Transforming Resources into Dynamic Capabilities

The second level is about taking information and turning it into skills that the organization
can use. GenAl doesn't add value just because it is there, but because it is used in daily tasks
and changes the way that organizations work. At this point, technology changes the way

things are done and helps in making the organizations better at what they do.

Postgraduate Dissertation 63



HELLENIC
OPEN
UNIVERSITY

Some important skills that are developed include making things more efficient, being
proactive about plans and what might happen, coming up with ideas quickly, creating new
designs, and improving customer experience. It is also very important to develop skills that
can change quickly, like being able to learn and adapt to new situations. At this level, GenAl
changes from a tool to a normal part of how the organization makes decisions and creates

value.

4.4.3 Strategic Outcomes: Turning Capabilities into Strategic Outcomes

The above skills really produce strategic results when companies make a difference in the
market. When companies use these skills, they can do things like increase productivity, cut
costs, make decisions faster, get things to market quicker, and make their products special
for each customer. GenAl can also help companies to develop new business models and
new ways for capturing value. However, just because companies can make something
valuable, it does not mean that they can keep that value. Instead, they need to have a plan,
make sure that everything is aligned with the business model, and be ready to adapt to
changes in order to really get ahead of the competition. Otherwise, they will only see

benefits that do not create a sustainable advantage.

4.4.4 Risks: Technological, Legal and Operational Risks

The fourth level of the framework is about the potential risks that follow the strategic
utilization of GenAl. Technological limitations, such as hallucinations, bias in the data, gaps
in understanding how GenAl works, and issues with the quality of the data it uses, can create
doubts about the decisions made by GenAl. At the same time, there are legal and ethical
issues to think about, like who owns the outputs, how private the information is, who is
responsible, and if the rules are followed. These issues can cause reputational or financial
costs for the companies. Also, there are operational risks like relying much on the system,
losing or undermining staff’s skills, and finding complexities in working with old
technology systems. These risks are not external features of the model, but part of how

GenAl works.
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4.4.5 Governance Controls: Management and Control Mechanisms

To avoid turning risks into strategic costs, the framework suggests governance control as a
critical mechanism. This governance control includes usage policies, human oversight,
validation mechanisms, data governance frameworks, ethical-by-design architecture, and
quality control processes. Clear roles, approval procedures, audit trails and compliance
mechanisms help as well, as they build trust within an organization. This trust helps
organizations accept and use GenAl easily and is crucial for growth and expansion. Without
robust governance, even the most advanced technological applications remain limited or

create unforeseen costs.

4.4.6 Sustainable Advantage: The Dynamic Balance
The final stage of the framework concerns sustainable competitive advantage. GenAl

leads to sustainable advantage only when:
1. It is combined with rare and hard-to-copy resources.
2. TItis deeply integrated into organizational routines.
3. It is supported by continuous learning and adaptation mechanisms.
4. It is framed by strong governance and institutional legitimacy.

The advantage is not static, but the result of a dynamic balance between innovation and
control, speed and reliability, automation and human judgment. If governance controls and
learning mechanisms work effectively, then strategic outcomes reinforce inputs through
accumulation of data, experience, and organizational knowledge, creating a self-

reinforcing cycle.
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Inputs: proprietary data,
digital infrastructure, Al
skills, culture, strategic
intent

Capabilities: efficiency,
strategic intelligence,
innovation, learning loops

Strategic outcomes:
productivity, faster
decisions, differentiation,
value creation

privacy, security,
overreliance

Risks: bias, hallucinations,

Governance controls:
human-in-the-loop, data
governance, ethical
framework, compliance

Sustainable advantage:
inimitable integration,
compounding learning_
trust & legitimacy

Figure 9: Conceptual Framework for the Strategic Integration of Generative
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5. Conclusions and Strategic Recommendations

5.1 Answers to Research Questions

RQ1: What are the strategic capabilities of GenAl for businesses?

The literature suggests that GenAl primarily functions as a dynamic capability tool rather
than a single strategic resource that enhances data use, human capital, and decision-
making processes. It affects the opportunities detection (sensing), resource utilization
(seizing) and organizational transformation (transforming), enhancing cognitive
processing, speed of analysis and the creation of alternative strategic options, and boosting
productivity, innovation, and customer personalization. However, its strategic value does
not arise from the technology itself, but from the degree to which it is integrated into
idiosyncratic resources, such as proprietary data, expertise, and organizational routines.
Therefore, GenAl transforms strategic capabilities when it works in addition to existing

assets rather than as a fragmented tool.

RQ2: What technological limitations impact the reliability and adoption of GenAl in

strategic processes?

The research highlights that GenAl's reliability is influenced by structural technological
limitations, such as hallucinations, reliance on data quality, algorithmic bias, and limited
transparency and explainability. The fact that GenAl is widely used means that businesses
get similar outputs, thus it is difficult for them to stand out and create strategic
differentiation. Meanwhile, integration issues in legacy systems, lack of specialized skills
and high structural complexity create gaps, when it comes from experimentation to
practice. GenAl, therefore, is not a standard solution for strategic use but requires
operational infrastructures, human oversight and validation, and organizational readiness

to become reliable and acceptable in critical decision-making processes.

Postgraduate Dissertation 67



HELLENIC
OPEN
UNIVERSITY

RQ3: What risks arise from integrating GenAl into businesses and how they can be

addressed?

The use of GenAl in businesses comes with a lot of problems that are not just about
technology but about the law, what is morally right and wrong, and how businesses
operate. When we talk about the law, we have to consider who owns the outputs that
GenAl creates, and how we can hold people accountable when GenAl does something
wrong. We also have to think about data privacy because GenAl uses a lot of data and this
can lead to problems like violating the GDPR rules. Ethically, risks such as bias,
misinformation, and loss of trust emerge, as GenAl can produce misleading or
discriminatory outputs that affect brand authenticity. When it comes to running a business,
there are also risks with using GenAl. If we rely much on it, our employees might not
learn all the skills they need. It can also be hard to get GenAl to work with obsolete
systems. These problems can lead to false decisions, reduced human capabilities, and
technical failures. This is especially true when there is a lack of skills, processes, and
organizational readiness in place. To deal with these problems we need to have a plan for
how to use GenAl. This plan should include rules for using GenAl, and people should be
in charge of making sure it is used correctly. We also need to make sure we are protecting
personal data and that we are using GenAl in a fair and right way. Additionally, businesses
need to teach their employees how to use GenAl and change the way they do things so that
GenAl is used in the same way by everyone. This ensures that GenAl enables trust and

long-term competitive advantage.

RQ4: What are the future prospects for effective strategic integration of GenAl?

The future of GenAl is going to be really important. GenAl will probably change to
include different types of systems that work together like foundation models and
databases. This means that GenAl will be able to learn and adapt without needing to be
retrained all the time. To make this work, companies will need to have management and
rules for using GenAl. The future of its strategic utilization will not be determined by
access to technology, but by the ability of businesses to orchestrate it within dynamic

ecosystems, manage risks, and maintain a balance between innovation and control.
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5.2 Theoretical Contribution

The current study helps to better understand strategic management by adding GenAl into
existing theoretical frameworks and showing how technology changes important strategic
ideas. This mainly extends to the RBV Theory, the theory of Dynamic Capabilities and

Porter's Five Forces approach to competition.

Under the RBV Theory, the study notes that GenAl is not a resource that meets the VRIO
(valuable, rare, inimitable, organized) criteria because many people can access it.
However, GenAl makes other resources more valuable, particularly proprietary data,
organizational knowledge, and internal routines. In this way, RBV is enriched, as the
strategic value shifts from possessing the technology to the ability to orchestrate and
combine it with temperamental resources. This means the focus is on using GenAl with

resources and not just having it.

In terms of the theory of Dynamic Capabilities, the research shows that GenAl helps
companies to sense, seize and transform opportunities faster. It does this by analyzing data
quickly to find chances, by suggesting scenarios that lead to optimal decision-making, and
by changing how things are done through automation and process reengineering.
However, for GenAl to really help, companies need to be ready and have learning and
governance systems. Thus, GenAl does not replace dynamic capabilities but makes them

work better and faster.

Finally, the study offers a modern reading of Porter's Five Forces approach. On the one
hand, GenAlI changes the structure of the industry by reducing barriers to entry and
making it easier for new companies to enter into the market. On the other hand, it gives
companies new ways to differentiate through personalized products and services, customer
experience improvement, and business model innovation. GenAl also changes the nature
of the supply chain, as it affects areas like marketing, operations, R&D, and customer
service, all at the same time. So, GenAl does not decline Porter's logic of competition, but
redefines it, shifting the focus from just being in a good position to being able to adapt and

use new technology all the time.
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5.3 Practical Strategic Suggestions

5.3.1 Governance Framework

The strategic use of GenAl needs a clear governance plan about how it is used in an
organization. First, a formal Al policy is needed, which states what GenAl can be used for,
who can use it, and what they can and cannot do. This policy should include principles of
transparency, accountability and ethical use, as well as clear guidelines on how to handle
sensitive information. Second, a thorough risk assessment process is required before using
GenAl for tasks. This assessment should consider technological risks like hallucinations
and bias, legal risks like intellectual property and compliance issues, and operational risks
like system dependency and integration failures. Risk assessment should not be done after
implementation but integrated in advance into the design. Third, human oversight is
necessary for GenAl to be credible. It should not function as a standalone tool in critical
strategic decisions. This means that people with institutional responsibility validate,

interpret and make decisions based on GenAl outputs.

5.3.2 Data Strategy

The effectiveness of GenAl directly depends on the quality and architecture of the data.
This means that organizations need to develop an integrated data strategy. Firstly, ensuring
the quality of the data quality is very important. Data must be accurate, updated, structured
and free from systematic distortions. Organizations should invest in cleaning the data,
making it standard, and managing the metadata. This is a priority and not just a technical
thing to do. Secondly, the data needs to be stored and strongly protected either by using
encryption or by controlling who can access the data. There should also be rules for
sharing the data in order to reduce the risk of it being leaked or used badly. Especially in
regulated industries, following these rules is essential to maintain trust. Third, using RAG
(Retrieval-Augmented Generation) architecture makes the results more reliable. By
connecting the GenAl models to internal knowledge bases, the risk of outdated or
inaccurate responses is reduced. This also helps GenAl to adapt to the operational context.

Thus, RAG helps to make GenAl more useful and effective.
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5.3.3 Organizational Structure

Technology needs an organizational structure to deliver strategic results. The first proposal
is to establish an Al Steering Committee with executives and key function representatives,
that will guide strategic plans, prioritize projects and oversee risks. Cross-functional teams
are also vital for success, as GenAl affects multiple functions in an organization like
marketing, operations, finance and HR. So, technical and operational leaders must work
together. This helps knowledge to be shared and transferred across organization’s different
departments and prevents the creation of technological silos. Finally, systematic education
is crucial for sustainable integration. Organizations must invest in upskilling and reskilling
the employees. This includes training on Al basics, evaluating GenAl results and
understanding its limitations. Training is not only for technical leaders but also for

managers who make strategic decisions.

5.3.4 Adoption Roadmap

The successful integration of GenAl cannot be based on ideas or technology tests without
a plan. Instead, a clear and gradual plan to adopt GenAl is needed, which includes
experimentation, organizational learning, and slowly increasing its use. Based on the

literature, this adoption plan can be broken down into four phases (Weinberg, 2025).

In the first phase, which is Strategic Assessment and Prioritization, the organization needs
to figure out what GenAl can be used for and prioritize these uses based on how much of
an impact they will have and how hard they are to be done. The goal here is not to start
working on projects but to pick the ones that will give quick and measurable results, so
companies can build momentum and gain experience with GenAl. At the same time, they

need to check if their data infrastructure is ready and if their staff has the right skills.

The second phase is Pilot Implementation, where we develop and test GenAl applications
in a controlled environment. It is very important to have rules in place, monitor how things
are going, and get feedback from users at this stage. The tests here should be a way for
organizations to learn and not one-time projects. The evaluation should include both
quantitative indicators, such as how much time is needed for processes to complete and
how much money are saved, and qualitative metrics, including if users trust GenAl, find it

easy to cope with, and think it is valuable.
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The third phase is Scaled Integration, where the tests are slowly made a part of the whole
organization. At this point, organizations need to change how they work, adjust roles, and
maybe move resources around. The transition from a test to using GenAl across the whole
organization needs a good data system, clear rules on the use of GenAl and continuous
training of the staff. This must be done step by step, while keeping an eye on risks and

always evaluating how things are going.

The fourth phase is Continuous Optimization and Transformation, which recognizes that
adopting GenAl is not a one-time thing but something that needs to keep working on. The
organization needs to create a system to get feedback and use this feedback to improve
GenAl with new data and user experience. Use cases also need to be re-evaluated in the
terms of strategic objectives and technological developments. So, GenAl is no longer an
innovation at this stage but integrated into the organizational structure and decision-

making processes.

5.3.5 Key Performance Indicators (KPIs)

Successfully integrating GenAl into an organization requires more than simply adopting
the technology. Organizations need to measure if GenAl is really helping them, if they are
controlling its risks and if using GenAl leads to good outcomes that last. For this reason,
Key Performance Indicators (KPIs) should measure both how well GenAl is working and

if it is reliable.

First, companies need to look at how productive GenAl is making them. They can do this
by measuring if it is taking time to finish tasks, if they are making more content or analytics,
if they are making decisions faster and if they have less administrative work to do. They
need to make this comparison related to how things were before starting using GenAl, so

they can really understand what difference it is making and not overestimate what it can do.

Second, they need to calculate their cost savings either by not having to pay outsources or
extra working hours for the staff to do tasks that GenAl is now doing. They also need to
calculate how much money they save from having the right amount of inventories and not
excess volumes. But they should not just look at how much money they are saving. They

should also look at how much more value they are getting.
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Third, organizations need to examine what happens when things go wrong with GenAl.
They have to keep track of the results that GenAl gives and include bias or wrong
information or when there is a problem with security or non-compliance with the rules. If

they keep track of these incidents, they can make their rules and processes better and ensure

that GenAl is working well and that people trust it.

Finally, organizations need to measure how satisfied their customers are with the use of
GenAl. Companies can use GenAl in customer service, or to personalize offers and
products, or to communicate with their consumers. So, they can measure customer
satisfaction, which is an important indicator of their sustainable positioning, through Net
Promoter Score (NPS) metrics, customer experience metrics or retention rates. The
evaluation should consider if GenAl is really making things better for customers or just less

personal.

5.4 Research Limitations

The present study, although based on a systematic review of the literature, has some
limitations that must be considered when looking at the results. First of all, the research
relied exclusively on secondary sources and not on primary empirical data. As mentioned
in the relevant methodological section, the literature review is a synthesis and evaluation of
already published material and does not produce new primary data. In addition, a literature
review is not an empirical study that proves hypotheses or develops primary findings but
organizes and interprets existing knowledge. Consequently, the conclusions of this research
mainly reflect the theoretical and conceptual direction of the field and not verified results
from quantitative or qualitative analysis of business cases. The absence of primary empirical
evidence limits the possibility of generalizing the conclusions to specific organizational or

sectoral contexts.

Secondly, the selection of articles was mainly based on the Google Scholar database and the
relevance ranking logic, without a complete exhaustive record of all possible publications
or a systematic search in multiple specialized databases. According to the guidelines for
writing a literature review, it is necessary to state the scope of coverage and the inclusion
and exclusion criteria of studies. However, each selection process inherently carries the risk

of selection bias, as the final composition depends on the selected criteria and available
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sources. Therefore, it is possible that some relevant studies were not included in the final

sample.

Thirdly, the field of GenAl is at a particularly early and rapidly evolving stage. The majority
of the 2023-2025 publications are conceptual or normative in nature, with still limited
evidence of long-term empirical studies. Since the literature review allows research gaps to
be identified but does not fill them through primary analysis, the conclusions of the present
study are mainly based on theoretical interpretation and early evidence. The long-term
strategic impact of GenAl on the competitive performance of organizations remains under

investigation and requires further empirical evidence.

Finally, research mainly adopts a strategic and administrative view, without systematic
deeping into the technical, legal or psychosocial dimensions of technology. Although these
dimensions are mentioned in the context of the analysis, they are not the central analytical
focus of the study. Therefore, the conclusions mainly concern strategic management and the
formation of a competitive advantage, and not the entirety of the technological, regulatory

or societal implications of GenAl

5.5 Future Research

The study's findings highlight significant opportunities for further research investigation,
particularly because the current literature related to GenAl is characterized by fragmentation
and limited empirical evidence. Firstly, empirical and particularly longitudinal studies are
needed to examine the long-term impact of GenAl on economic performance, market share,
and organizational learning. In this sense, it is proposed to monitor organizations over time
with a "lifecycle" approach, that is from data options and training to deployment and
feedback, to clarify when and under what conditions GenAl leads to a sustainable
competitive advantage and not just short-term productivity gains (Surbakti, 2025). At the
same time, the empirical verification of the proposed ethical frameworks is considered
crucial, as a large part of the proposals remains theoretical and requires testing in real
application conditions (Surbakti, 2025).

Second, it is necessary to create more complex strategic performance metrics that go beyond
the traditional ones and capture intangible but strategically critical dimensions like

organizational learning, creating new intellectual property, making good decisions, and
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building capacity. To do this, future studies can use tools that promote transparency,
auditing and accountability. Examples of these tools include explainability mechanisms,
auditing tools, and standardized impact assessment protocols. These tools are specifically
designed for generative models, so that organizations can measure and document both the
value and risks of integration (Surbakti, 2025).

Third, the study of human-AlI collaboration in strategic environments is of particular interest
including how executive roles change, which skills become critical (e.g., validation,
governance literacy, crisis under uncertainty) and how accountability is affected. Here, the
literature points to inclusive design approaches as a fruitful direction, where the evaluation
and development of GenAl is done with the participation of multiple stakeholders, such as
users, experts, legal and ethical advisors, and policymakers, in order to realistically capture
the socio-organizational impacts of the technology (Surbakti, 2025).

Fourth, future research may examine industry differentiations through cross-domain
comparisons, analyzing how GenAl impacts differently regulated sectors, such as finance
or health, compared to less regulated industries, as ethical risks, compliance requirements,
and governance mechanisms change substantially by scope (Surbakti, 2025). In this regard,
the development of GenAl as a cross-border technology highlights the need for research
around global governance and policy harmonization, given that issues such as deepfakes,
disinformation, privacy, and intellectual property cannot be effectively addressed with
fragmented national approaches (Surbakti, 2025). Finally, the connection of GenAl to
sustainability and social value issues is an emerging field, where future studies can explore
both the environmental impact of training and operating large models and the role of GenAl
in social value creation, provided it is accompanied by measurable practices of responsible

development and impact assessment (Surbakti, 2025).
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