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Abstract

The purpose of the thesis was to investigate the extent to which businesses and companies in
Greece utilize digital technologies in the recruitment and selection processes, to highlight the
extent of use of data and predictive analytics in staffing decisions, to record the main difficulties
they face when adopting such practices and to capture the perceptions of professionals on the
future course of innovative tools in the field of talent acquisition. To achieve this purpose, a
quantitative survey was carried out using a structured questionnaire which was distributed to
executives of businesses and companies using the Google Forms platform. The sample of the
survey consisted of 60 executives of companies and businesses in Greece working in
departments related to the recruitment, selection and recruitment of personnel. The results of
the survey conducted showed that companies and businesses in Greece use more candidate
tracking systems and social media in the context of attracting and hiring new employees. On
the contrary, more innovative technologies such as predictive analysis, automated scoring and
artificial intelligence systems are used to a significantly lesser extent. The findings of the survey
showed that the most important challenges from the use of innovative digital tools in the process
of attracting and selecting candidates are the over-reliance of the processes on automated
assessments, legal restrictions, limited interpretability of the models and low data quality. In
conclusion, businesses and companies in Greece seem to be in a transitional stage of digital

transformation in selection and recruitment processes.
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Chapter 1. Introduction

Over the years, Human Resource Management (HRM) has transformed considerably in
response to the changing demands of the business environment. In its traditional form,
the HR function was mainly concerned with administrative responsibilities, including
managing employee payroll, overseeing benefits programs, and maintaining personnel
documentation. However, their role has now transformed into a strategic partner that is
inextricably linked to driving organizational success. This transformation is due, in
large part, to the integration of information technology (IT) into HRM practices
(Vardarlier, 2019). Undoubtedly, in the constantly changing and evolving business
environment, the effectiveness of a company's HRM constitutes the main source of its
competitive advantage. The success of businesses is inextricably linked to the ability of
HRM to attract, select, develop through development and training, implement reward
programs and maintain strong professional ties with talented employees. The objectives
of HRM must be consistent with the strategic goals and plans of the company (Dutta et
al., 2025).

The internet and Artificial Intelligence has drastically changed the way people
interact, communicate and look for work (Budhwar et al., 2023). The rapid penetration
of artificial intelligence and the Internet of Things is pushing business employees and
HR Leaders to acquire additional knowledge and skills, as well as to become familiar
with the automation of their work, in order to enhance their competitiveness in the labor
market. The need to gain a competitive advantage, a strong strategic role and reduce
costs from the HRM perspective is increasingly intensifying the need to systematically
measure the efficiency and contribution of human capital to the productivity and

financial results of the company (Malik et al., 2022).
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In the process of digital transition of most business processes and functions in
which most organizations are currently engaged, a challenge is to study the
effectiveness of digital applications and media used in candidate attraction and selection
processes, in the context of the coexistence of the two forms (Rhemananda et al., 2020).
In today's competitive business environment, among other things, businesses recognize
that acquiring and retaining competent personnel is a cornerstone of their long-term
success and survival. However, traditional recruitment methods, often bogged down by
manual processes and outdated technologies, struggle to meet the demands of the
modern labor market (Freire & De Castro, 2020). The advancement of technology,
moreover, and the acceleration of digital transformation, have ushered in a new era of
e-recruitment. In this context, the adoption of innovative e-recruitment strategies by
businesses becomes imperative (Albert, 2019). The internet, social media, automation,
artificial intelligence and other technologies have emerged as powerful tools for
streamlining relevant processes and improving the operation and effectiveness of
human resources departments (Gusain et al., 2023).

The aim of the thesis was to investigate and capture the extent to which
businesses and companies in Greece make use of digital technologies in matters of
attracting and selecting personnel. At the same time, the thesis aimed to explore the key
challenges that businesses and companies in Greece face in their attempt to use such
tools. Finally, the aim of the thesis was to highlight the perceptions of professionals
regarding the future of innovative tools in talent acquisition.

The research questions of the thesis were defined as follows:

1. To what extent do businesses and companies in Greece use digital tools in the

recruitment and selection processes?



2. To what extent do businesses and companies in Greece use data and predictive
analytics in the assessment and decision-making processes when selecting or
evaluating candidates?

3. What are the main challenges that businesses and companies in Greece face in
the context of adopting modern innovative practices in the personnel selection
process?

4. What are the perceptions of professionals regarding the future of modern
selection practices in talent acquisition?

The thesis is divided into five chapters. The second chapter presents the
theoretical framework of the thesis. This chapter provides information on the traditional
and more modern forms of attracting and selecting employees and the role of talent
acquisition in the performance and effective operation of businesses and companies.
The third chapter of the thesis presents the methodological framework on which the
research carried out in this thesis was based. In more detail, information is provided on
the research design, the research sample, the data collection tool (questionnaire) and the
data collection process. The fourth chapter presents the results of the research as derived
from the responses of 60 employees/executives in HRM departments of businesses and
companies in Greece. The fifth chapter presents the conclusions of the thesis, indicates

the limitations of the research and provides some suggestions for future research.



Chapter 2. Literature review

2.1. Human Resource Management

Traditionally, Human Resource Management (HRM) is the organizational and strategic
function dedicated to managing a company's human resources to achieve this success
and gain a competitive advantage in recent years, globalization has increased, leading
to stronger connections between national economies and greater international trade
through advances in technology. As a result, competition among organizations has
become more intense, making it important for companies to attract and keep skilled
employees to gain and maintain a competitive advantage. (Storey et al., 2019).
Therefore, they maintain strong ties with their human resources and invest in their
management. HRM includes tasks such as human resource preparation, management,
recruitment strategy, employee training, compensation policy, employee relations,
healthcare, employee satisfaction, while also including policies and practices to
improve organizational effectiveness, employee engagement and work quality
(Armstrong & Taylor, 2023).

The aim of HRM is to manage human resources with an emphasis on expanding
the customer base and, by extension, maximizing the profitability of businesses. Human
resources management deals with personnel policies and management practices as well
as the systems that affect the workforce. Human resources management specialists in
the HRM department assist organizations with all activities related to staffing and
maintaining an effective workforce (Armstrong & Taylor, 2023). The responsibilities
of HRM include job design, job analysis, training, development, recruitment,

compensation, building work teams, managing and evaluating performance, employee



health and safety issues, as well as identifying or developing valid methods for
personnel selection (Armstrong & Taylor, 2023). HR Manager influences the
management of human resources and the productivity of the company. Also, HR
Manager plays a vital role in maintaining the professional life and career planning of
employees. He contributes to the resolution of conflicts, motivates employees to
achieve personal and organizational goals and contributes to the management of
workforce diversity and the fulfillment of the demands of globalization (Ererdi et al.,
2021).

The functions of HRM are complex and affect all sectors and all individual parts
of a business or organization. In more detail, they are listed below.

Human resource planning refers to a strategic process through which an
organization ensures that it has the appropriate number and type of employees required
to accomplish its future objectives. This process involves estimating future workforce
requirements across different areas of expertise, evaluating these projected needs
against the organization's current human resources, and identifying any gaps that must
be addressed through recruitment or other workforce strategies (Armstrong & Taylor,
2023). Furthermore, effective human resource planning requires an analysis of the
organization's existing workforce position alongside its desired future state, followed
by the development of strategies that facilitate the transition between the two.
According to Anderson (2015) and Hecklau et al. (2016), this planning process typically
consists of a series of interconnected steps. (Anderson, 2015; Hecklau et al., 2016):

1. Determining human resource objectives
2. Recording the existing human resources within the company
3. Estimating the need to meet human resource needs from external sources

4. Evaluating current organizational planning and work planning



5. Based on the above information, developing a labor demand forecast in terms
of the number of people required, the qualifications needed and the time period
that will be required
Job Analysis: With the term Job Analysis we describe the process of identifying

and recording both the tasks and the knowledge and skills required for the effective
execution of a specific job. It is the cornerstone and reference point of many HRM
activities and functions in businesses and organizations (Ahmad & Alqaarni, 2023).
Some of the activities that require the existence of effective and functional job analyses
are the following (Brannick & Levine, 2002):

1. Job description

2. Job requirements

3. Decisions concerning staff recruitment

4. Decisions concerning staff promotions

5. Decisions concerning staff transfers

6. Decisions concerning staff dismissals

7. Staff salaries and remuneration

8. Employee performance evaluation

The attraction and selection function focuses on identifying suitable candidates both
within the organization and in the external labor market, encouraging them to apply for
available positions, and selecting the most qualified individuals through appropriate
recruitment and assessment methods. Although many organizations do not
systematically implement onboarding practices for newly recruited employees
(Armstrong & Taylor, 2023), providing a structured introduction and orientation

process is considered essential. Proper induction enables new employees to become
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familiar with the organization's culture, policies, and job responsibilities, facilitating
their successful integration and improving their overall performance (Ahammad, 2017).
Since recruitment and selection constitute the central focus of this thesis, this function
will be examined in greater detail in the following sections.

Human Resource Training:
Human resource training refers to a structured learning process designed to equip
employees with the knowledge, skills, and competencies necessary for the effective
execution of their job responsibilities (Edralin, 2004). It involves the transmission of
knowledge from the trainer to the trainee through organized instructional activities.
Training initiatives are not limited to newly hired personnel who require orientation and
skill development but also extend to existing employees, supporting continuous
learning, professional growth, and adaptation to organizational and technological
changes (Otoo, 2019).

Human Resource Evaluation:
Human resource evaluation is the systematic assessment of employee performance
against predetermined organizational objectives and performance standards. This
process serves multiple purposes, including enhancing employee development,
strengthening organizational effectiveness, and supporting career planning by
identifying both employees' capabilities and their developmental needs (Armstrong &
Taylor, 2023). Furthermore, performance evaluation provides valuable information for
determining training requirements, establishing performance-based reward systems,
and offering constructive feedback that contributes to employee motivation and

continuous improvement (Ahammad, 2017).



Compensation Systems: As compensation, we consider any type of payment to
the employee (also referred to as a "compensation package"), in exchange for his
employment and contribution to the achievement of the company's goals (Koziot et al.,
2014). This compensation consists of:

1. The direct financial benefit, which is the salary, as well as the incentives-
awards, i.e. the additional remuneration paid for the effort and results achieved
by the employee.

2. The indirect financial benefit, which is the benefits related to the job, such as
payments for leave, absences, holidays, life insurance, etc. (Armstrong &
Taylor, 2023)

A compensation, system, which is easy to use and friendly to employees, can be
used to offer incentives in order to make a greater effort on their part. Thus, it leads to
an increase in performance without changes in the number of employees. Incentives for
achieving goals are mainly variable remuneration systems (Mahato & Kaur, 2023)

Labor Relations: The term labor relations generally characterizes the
relationships between employers and employees, either directly on a personal level, that
is, between managers and the persons who provide their work, or collectively, between
employers or employer organizations and labor unions or unions. Labor relations,
although they are a subject of HRM, nevertheless constitute a field of study of labor
employment such as political science, sociology, labor law, etc. Labor relations also
deal with wages, salaries, employment and unemployment, collective bargaining,
collective agreements, collective disputes and strikes. It is the part that is directly
affected by the compensation systems that businesses implement (Kaufman, 2010).

Information technologies have significantly influenced human resource

management practices in many areas. Developments in information technology have



created new tools and approaches that affect the way organizations manage, develop
and retain their human resources (Roul et al., 2025). One of the ways in which it
contributes to human resource management is through human resource management
systems (HRMS) and management software applications. Such systems allow the
automation of processes, such as employee registration, compensation management,
performance evaluation and training, saving time and resources (). The development of
business analytics and the emergence of Big Data is the new challenge of the times, as
the existence of know-how around their analysis and utilization by human resource
departments is what differentiates companies in terms of their effective staffing (Gravili
et al., 2023).

The latest technological developments, such as artificial intelligence, have also
entered the field of human resource management. This in turn can be used for data
analysis, but also for forecasting workforce needs, evaluating performance and
managing human resources in a more effective manner (Tinguely et al., 2023).
Consequently, within the context of these developments, employee management and
retention has now taken on new dimensions, which have now not only made their
presence felt, but have already been consolidated by a multitude of companies - leaders

in the human resources sector (Zhang & Chen, 2023)

2.2. Talent, talent acquisition and talent management

The term talent appears everywhere. The concept is frequently mentioned in the media,
while the term is often associated with athletes (Olympic champions, skilled coaches,
dynamic teams), musicians with high prospects, singers with beautiful vocal timbre and
gifted children (Gallardo-Gallardo et al., 2013). The search for a clear definition

encounters enormous difficulties according to Skuza et al. (2022). A possible



explanation for this conceptual ambiguity is the history of the word talent, taking into
account the different meanings it has had at times.

Since 1998, when a group of McKinsey consultants coined the phrase ‘war for
talent” and argued that a fundamental belief in the importance of talent is required to
achieve organizational excellence (Michaels et al., 2001), talent management has
become a major issue (Chuai et al., 2008). Proper talent management is considered a
critical and determining factor in organizational success (Beechler & Woodward,
2009), as well as an imperative for the survival and sustainability of organizations
(Mujtaba & Mubarik, 2021). Despite the growing popularity of this topic and after years
of debate, talent management suffers from a lack of clarity in terms of definition and
overall objectives (Kwon & Jang, 2021).

The need for talent is imperative. However, to achieve this goal, it is necessary
to have a systematic Talent Management and then to attract and retain existing or
necessary people for the company (Srivastava & Bhatnagar, 2010). What we first need
to understand is why a charismatic, ambitious and energetic person wants to join or stay
in our company, what it is that will bring them and keep them with us. This is therefore
an entire process that, in order to have the desired result for each company, must have
set goals from the beginning and be properly organized (Kwon & Jang, 2021)

According to research conducted at the end of the 20th century (in America)
(known as "War of Talent") large companies faced three main challenges (Michaels et
al., 2001): first, the extremely complex economy required to an even greater extent
people with a multicultural background, technological knowledge, innovators and the
ability to manage divided companies or companies that have fallen behind in
developments; secondly, the emergence of efficient capital markets in the US led to the

creation of small and medium-sized businesses, which, by offering opportunities for
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development and wealth, managed to attract many of the talents of the market and
thirdly, the mobility of employees from one company to another, depending on the
opportunities and advantages that each one presented, contributed to the already
existing concern of large companies (Beechler & Woodward, 2009).

As a solution, therefore, to this problem, the continuous training and
participation of the human resources management department in the empowerment of
talents and in the creation of stronger “Talent pools” was proposed. Entering the process
of thinking that an organization needs new talents or that it wants to retain the existing
ones, it must first answer an extremely crucial question, “Why would a talented person
want to work here?” (De La Calle-Duran et al., 2021). The human resources
management department of each company must answer this question by using a value
proposition that will manage to attract and retain talent. This process, of course, is not
completed overnight. It is something that takes time and is built over time, requiring the
cooperation of all members of the broader team of each organization (Jooss et al., 2019).

Without a doubt, attracting, developing and retaining talent has emerged as one
of the most crucial issues facing businesses worldwide. Talent management can be
described as a set of activities and processes that deal with the systematic attraction,
development, engagement and retention of those talents that are of great value to an
organization in creating successful strategies (Boudreau & Ramstad, 2005).
Globalization, technology as well as broader socioeconomic, geopolitical and
demographic changes, create unprecedented complexity in the business world. Talent
1s an important strategic resource for achieving and maintaining competitive advantage
(Conte & Siano, 2023).

One of the basic and crucial strategies for achieving competitive advantage and

sustainability of organizations is that of attracting talent. The goal of organizations is to
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attract personnel who have the necessary skills, abilities and knowledge and can meet
the current and future requirements of the positions they are called to fill (Pruis, 2011).

Albinger and Freeman (2000) supported investing in the organization's
reputation as an important factor for attracting employees. In addition Menezes et al.
(2025) added the employer brand, competitive remuneration and appropriate job
promotion as important factors for attracting talent. Attraction can be achieved from
two sources, either from the internal environment of the organization or from the
outside. In the literature, the Talent attraction has been studied from various
perspectives (talent as a "charisma", talent as a "ability", talent as an acquired "skill",
etc.), but all have accepted two basic processes:

1. Audit process: a detailed recording of the jobs in an organization is made and
the possible new ones that will arise are identified. Also, during the audit
process, the personnel involved in HR gathers and records the abilities, skills
and knowledge that the personnel who will fill the respective position must
have.

2. Recruitment process: the recruitment process follows the audit process and is
perhaps the most basic function of HR because it includes all the necessary
actions required to select the appropriate candidate for the respective job
position (Walford-Wright & Scott-Jackson, 2018).

Attracting from the internal environment: the internal environment of an
organization is its human resources itself. Therefore, the source of attracting talent from
within the organization can be be the organization's own employees who will be
promoted or transferred to new positions. Another source of internal attraction can be
the acquaintances and family environment of the organization's employees. Another

source is the organization's own former staff and "door candidates" (Mahan & Devi,
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2012). "Door candidates" are people who apply or submit a resume with their
qualifications to an organization with the aim of hiring them in the event that a similar
position with their interests and qualifications-skills and knowledge is announced. If
organizations have an updated and organized file of "door candidates" then this could
be an important source of internal attraction (Masri & Suliman, 2019).

Attraction from the external environment: the external environment of an
organization is any source of candidate workforce outside the organization. Some of
the common sources of attraction are: the media, archives from organized associations,
new technologies (internet, social media, etc.), career days, employee rental companies,
university alumni offices, etc. (Alhaider et al., 2025). In addition, Joyce and Slocum
(2012) argue that, for their part, organizations must first have created a suitably
attractive climate (reputation, corporate responsibility, culture) for talents in order to

attract them.

2.3. Modern recruitment an selection methods

Recruitment and selection of employees have been and continue to be some of the most
important issues in human resource management for many years, and have always been
a critical and costly function for any business. More recently, however, recruitment and
selection of employees have been greatly influenced by the emergence of technology,
affecting all its different aspects (Hunkenschroer & Luetge, 2022). Indeed, new and
diverse forms of technological developments, not limited to the use of the internet or
social media, have emerged, having a strong impact on the way job seekers are attracted
and selected. Recruitment and selection have probably benefited the most from the
emergence of technological solutions over the past decades (Conte & Siano, 2023).

Technology, of course, has brought enormous progress to all aspects of social and

13



professional life. However, especially in recruitment and selection, technology has
affected the entire life cycle of these processes (Nikolaou, 2021).

In this context, the term electronic human resources management (e-HRM) has
also emerged, reflecting the impact of technology on the various functions of human
resource management. Indeed, in recent years, modern technology has brought
significant changes to the internal operations of businesses, including human resource
management. New technologies therefore play an increasingly decisive role in the way
in which businesses manage their human capital (Strohmeier, 2014). The global
economy, moreover, is in a phase of profound transformation. These changes
fundamentally affect the organization of work and corporate structures, also having
significant impacts on human resource management. New technologies offer employees
and businesses advanced solutions that facilitate work tasks, automate processes and
enhance communication and connectivity. Technological progress acts as a catalytic
factor for change, creating new opportunities, but at the same time making traditional
models of organization and management obsolete (Cantoni & Mangia, 2018).

In this context, human resource management has adapted accordingly,
increasingly integrating new technologies into its functions. Thus, various terms have
been developed to describe this transition, such as electronic human resource
management and more recently "smart" human resource management (Smart HRM).
Among these terms, the first is the most widespread and mainly refers to the use of web
applications for human resource management. It is a system that combines hardware,
software and electronic networks, allowing better coordination, improved data
collection and analysis at the individual and group level, and therefore automation and

optimization of recruitment and selection practices (Thite, 2018).
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As already stated, the era of digitalization and technology has brought a new
dynamic to human resource management. The development of Human Resource
Analytics (HR Analytics) in combination with Big Data has opened new horizons for
understanding and optimizing employee management processes in businesses and
organizations. Big data is high-volume, high-velocity and high-variation information
that requires new forms of processing to enable enhanced decision-making, knowledge
discovery and process optimization (Dahlbom et al., 2019).

Human Resource Analytics (HRA) is a relatively new term that first appeared
in the scientific literature of the human resources sector in 2003-2004, (Marler &
Boudreau, 2017). By mining employee data and identifying By identifying patterns
related to skills, performance reviews, tenure, education, previous roles, etc., companies
can reduce job-fill time, improve employee engagement and productivity, and minimize
turnover. (Bahuguna et al., 2023)).

According to Bassi (2011) it is defined as a process that can be interpreted as
both a “reporting system on a set of human resource metrics” and more advanced
solutions, based on “predictive models” and “what if scenarios.” Beyond that, Bassi’s
definition encompasses the concept of data-driven decision-making. Specifically, he
summarizes Human Resource Analytics as “an evidence-based process for making
better decisions in the human resources department of the enterprise, consisting of
various tools and technologies, from simple human resource metrics reports to
predictive models.” (Bassi, 2011).

Consequently, data and analytics play a dual role in modern human resources
departments. They contribute, that is, both to predicting situations and to guiding
important decisions. They form the basis for modern technological applications that

executives use to complete important functions of the HR department, such as finding
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suitable personnel, their continuous training and evaluating their performance. In fact,
they have been characterized as a game-changer, that is, as a catalytic factor that shapes
the future of human resources (Falletta & Combs, 2020).

Recruitment is a vital stage for any business that seeks its growth and success.
Basic activities that are usually included in human resources business processes are the
identification, description - analysis of jobs that require filling by new personnel and
their approval, their publication and posting, the finding and hiring of candidates from
the pool of "talent" available in the labor market and their placement in the jobs
(Kavanagh & Johnson, 2017).

Finding and selecting suitable employees for staffing companies is currently a
process of major importance. "Talent hunting" as it is called, is what ends up giving a
competitive advantage to businesses that implement it effectively.

Traditional recruitment processes: By researching traditional recruitment
processes and presenting the methods and practices that have been applied over time,
the aim is to highlight new trends, as they have been shaped by the emergence and
integration of new technologies. Going back in time, we find that Taylor (1911) is the
one who introduced the concept of selecting candidates based on criteria of their
abilities. Until recently, the process of selecting employees was carried out in order of
priority and based on acquaintances. He is the one who formulated the necessity of prior
testing of the individual's skills before their final selection. In the context of analyzing
the recruitment cycle of a new employee, a preparatory, but very necessary, stage of the
process is the job analysis, in order to determine the specific characteristics of the
position and the requirements that the candidate employees must meet (Armstrong &
Taylor, 2023). Then, it is particularly important to determine whether the recruitment

will be done from an internal source of the company or an external one. In cases where
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external recruitment is involved, traditionally the publication of the open job position
was posted in local newspapers, or was assigned to employment agencies. After the
screening of resumes, followed by the in-person completion of candidate tests by HR
executives, usually through the interview process. The process of evaluating and
selecting suitable employees is the one that presents the greatest difficulty, as the results
obtained are not always trustworthy (Armstrong & Taylor, 2023).

Recruitment using technology: The entry of technology into the time-
consuming and costly process of recruiting new human resources is a factor in its
modernization. Big data and artificial intelligence are capable of ensuring to a
considerable extent that the right employee is hired. They help automate the matching
of resumes with the job description of the candidates, and consequently only profiles
that have a high probability of meeting the requirements based on the job requirements
are selected for interviews, (Sivathanu & Pillai, 2018). For example, according to Malik
et al. (2022), artificial intelligence can be used to get rid of gender bias in the selection
process and select the best possible candidate for the job based on his or her abilities.
Based on these assumptions, it is found that the overall search and selection cycle is
transformed and simplified, while at the same time the process becomes more impartial
as it is based on objective criteria without being influenced by the human factor.

Artificial Intelligence: The concept of artificial intelligence (Al) has its roots in
the mid-20th century. However, the foundations of this concept were laid earlier,
mainly through the work of the famous English mathematician Alan Turing. Turing
posed the fundamental question: "Can machines think?", which has since become the
subject of extensive research in many academic and scientific disciplines. Artificial
intelligence has gradually progressed as part of humanity's broader effort to develop

intelligent machines, that is, systems capable of acquiring cognitive abilities similar to
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human intelligence, including perception, learning, reasoning, judgment, understanding
and problem solving. Artificial intelligence can, therefore, be defined as a field in
computer science that focuses on the design of intelligent computing systems that
exhibit human cognitive characteristics, which are closely related to rational thinking,
logical analysis and the ability to draw conclusions (Haenlein & Kaplan, 2019)

A key characteristic of human intelligence is its dependence on inductive
reasoning for decision-making. People interpret stimuli from their environment using
their knowledge, senses and experience, and construct a mental framework that allows
them to analyze a given situation. This ability is directly related to decision-making and
actions intended to achieve desired goals. The success or failure of these actions
ultimately determines the validity of the initial decision (Budhwar et al., 2023).
Artificial intelligence seeks to reproduce this cognitive process by designing "smart"
programs and machines that have the ability to think, learn and adapt. Artificial
intelligence consists of software & hardware elements that work together on the basis
of algorithms and mainly machine learning, to perform mental operations with speed
and accuracy. that exceed human capabilities. By leveraging these technological
developments, artificial intelligence is revolutionizing various sectors (Basu et al.,
2022).

In the recruitment and selection process, artificial intelligence has brought about
significant changes. The traditional recruitment process was based on methods that
often resulted in inefficient recruitment, especially for specialized executives. In
contrast, electronic recruitment systems based on artificial intelligence improve
efficiency by automating candidate searches and evaluating a wider range of
qualifications. One of the key contributions of Al to the recruitment process is its ability

to analyze large data sets quickly and accurately (Marinakou et al., 2024). Platforms
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that leverage artificial intelligence can scan resumes, assess candidates' skills, and
match job descriptions with greater accuracy than human resource managers. This
automation reduces errors and increases the likelihood of selecting candidates who
align with a company's goals. Despite its advantages, the Al-based hiring process is not
without challenges. Reliance on algorithms requires careful monitoring to avoid biased
results that can result from incorrect data entries. Furthermore, while Al can streamline
processes, human judgment remains important in making final hiring decisions
(Anghel, 2023; Ligeiro et al., 2024).

Social Media: In this context, social media has significantly influenced
recruitment processes by transforming the way companies identify and attract staff.
Platforms such as LinkedIn, Facebook and Twitter have become indispensable tools for
recruiters, enabling them to access a huge pool of potential candidates. These networks
provide direct communication channels, facilitating communication with both active
job seekers and passive candidates who may not be actively looking for work but are
open to new opportunities. One of the main advantages of using social media in online
recruitment is its ability to provide deeper insights into candidates beyond their CVs
(Landers & Schmidt, 2016). Recruiters can evaluate an individual’s online activity,
professional connections and other parameters. However, despite its advantages, Social
media-based online recruiting presents challenges. The sheer volume of information
available requires recruiters to develop methods to filter relevant data. Furthermore,
reliance on social media can bias some, as not all potential candidates actively maintain
online professional profiles. Companies must also be mindful of privacy and ethical
issues when evaluating a candidate’s online presence. However, as social media
continues to evolve, it will remain a critical element of online recruiting, shaping the

way businesses connect with talent and build their workforce (Rahman et al., 2020).
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Big Data: The concept of big data has emerged in the IT world to describe the
large-scale increase in data production. This increase comes from a vast range of
sources, mainly linked to the internet. The importance of big data lies in the fact that,
in the digital age where the internet dominates, the huge volume of data produced has
escalated at an unprecedented rate (Elmenzhi et al., 2025). The enormous scale of the
accumulated information exceeds the capabilities of conventional relational databases,
making them inefficient for efficient processing. However, for those who own and
manage this information, it has enormous value. Consequently, big data has caused a
significant change in data management practices. In essence, big data represents
extremely large and complex data sets that exceed the processing capabilities of
traditional data management techniques (Fauzi et al., 2022). It is not only the amount
of data that defines big data, but also its diversity and the speed with which it is
processed. are produced and processed. The importance of big data lies, therefore, in
the exploration of huge amounts of raw data to uncover valuable insights, identify
patterns and draw meaningful conclusions through various analytical techniques and
methodologies . (Mateen et al., 2024)

In this context, big data has significantly transformed recruitment and selection
process, improving the way companies select and evaluate candidates. The integration
of data analytics into recruitment processes allows companies to access and analyze a
large volume of information from online sources, such as social networks, etc. This
enables recruiters to create a more comprehensive and detailed profile of candidates,
going beyond traditional CVs and cover letters. However, this also raises concerns
about privacy, data protection and other issues in the recruitment process. One of the
key advantages of The advantage of big data in online recruitment is its ability to

improve the efficiency of the entire process (Elmenzhi et al., 2025).
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By using big data technologies, companies can filter and analyze huge amounts
of applicant data, identifying the most suitable candidates in a fraction of the time it
would take through conventional methods. Despite these advantages, the use of big data
in online recruitment poses ethical and legal challenges. Companies may collect data
that is irrelevant to a candidate's professional skills, such as personal opinions or social
interactions, which may lead to biased hiring decisions. The use of these tools can also
create bias if the algorithms are not properly designed to avoid unfair exclusions based

on, for example, gender, ethnicity, or other personal characteristics (Conte & Siano,

2023).
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Chapter 3. Methodology

3.1. Research design

In this study, in order to answer the research questions posed and fulfill its purpose, it
was decided to conduct quantitative research using a questionnaire. Quantitative
research is a form of research based on the methods of natural sciences, which produces
numerical data. It aims to establish a cause and effect relationship between two
variables using mathematical, computational and statistical methods. Quantitative
research is also known as empirical research as it can be measured with accuracy and
validity. The data collected by the researcher can be divided into categories or ranked
or can be measured based on the units of measurement. Graphs and tables of raw data
can be constructed with the help of quantitative research, making it easier for the
researcher to analyze the results (Bell et al., 2023).
The use of quantitative research methodology for the thesis presents some
important advantages (Bell et al., 2023; Creswell & Creswell, 2022):
= Reliability: Quantitative research provides reliable data, which is measurable
and verifiable. This is important when examining the effectiveness of artificial
intelligence applications in human resource management.
= Generalizability of Results: The results of quantitative research can be
generalized to larger samples or populations, thus making the findings more
applicable on a wider scale.
= QObjectivity: Quantitative research allows for data collection in a more objective
manner, minimizing personal interference and biases that may affect the

research.
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= Statistical Analysis: It allows the use of statistical tools to analyze data,
providing a deeper understanding of trends, correlations, and predictions related
to artificial intelligence in human resource management.
= Accuracy in Measurement: Quantitative variables can be measured accurately,
which is important for understanding the impact of artificial intelligence on
human resource management.
Overall, the use of quantitative methodology enhances the quality of research on the
use of artificial intelligence in human resource management, providing reliable,

objective, and actionable data and results (Saunders et al., 2023).

3.2. Participants

The research population was defined as the total number of companies and enterprises
operating in Greece. Convenience sampling was used as a method to select a sample
from the total population, resulting in a non-probability sample. A sample is called a
non-probability sample when the method of selecting each sample unit is not governed
by the laws of probability, but is based on criteria such as convenience, easy access,
availability, time of data collection, and others. These criteria do not ensure a positive
and predetermined probability of selecting all members of the population. On the
contrary, the selection or non-selection of members is done with certainty (Saunders et
al., 2023). The participants were approached by the researcher's friendly and working
environment. In total, 60 executives from businesses and companies in Greece who
work in departments related to the attraction, selection and recruitment of employees

responded to the invitation to participate in the survey.
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3.3. Research tool

After collecting secondary data through a research search in academic articles and
books, the primary quantitative research follows. Based on the findings of the literature
review, a questionnaire was created in order to examine (1) the extent to which
companies and enterprises operating in Greece use technologies in their recruitment
process, (2) the impact of data-driven and predictive approaches in the hiring process,
(3) the challenges they face when adopting such methods, as well as (4) their intention
to continue using similar methods (for example machine learning) in the future.

The questionnaire used in this study consisted of closed-ended questions, which
were formulated to capture the perceptions and practices of professionals working in
HRM departments regarding selection and recruitment regarding the utilization of new
technologies (such as artificial intelligence, machine learning, etc.) in talent acquisition.
The survey questionnaire includes a total of five sections of questions and is given in
Appendix A.

The first section of the questionnaire contained questions regarding the
demographic and professional characteristics of the participants (such as age, gender,
level of education, professional role, years of experience in recruitment and the size of
the company they work for).

The next four sections of the questionnaire contained statements that each
participant could indicate their degree of agreement based on a Likert scale from 1
(“strongly disagree”) to 5 (“strongly agree”). The second section of the questionnaire
aimed to assess the extent to which companies and businesses in Greece use various
new technologies in the recruitment and selection process (e.g. Applicant Tracking

Systems, artificial intelligence tools, Candidate Relationship Management (CRM)
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systems, social-media sourcing tools, chatbots, video interview platforms and people
analytics dashboards). In total, the second section of questions contained 8 statements.

The third section of the questionnaire aimed to capture the perceptions of the
professions regarding the use of data and predictive analytics in hiring decision-making
processes. These statements captured issues such as the use of predictive models to
identify and prioritize candidates, automated scoring, the use of analytics, as well as the
investigation of the accuracy and impartiality of these technologies. In total, the third
section of questions contained 8 statements.

The fourth section of the questionnaire aimed to capture the perceptions of the
professions regarding the challenges that businesses and companies face in the process
of using new technologies in personnel selection processes (such as algorithmic bias,
personal data protection, legal restrictions, data quality, lack of skills, organizational
resistance, and financial constraints). In total, the fourth section of questions contained
11 statements.

Finally, the fifth section of the questionnaire aimed to record the intention of
businesses and companies to use new technologies in the future in personnel selection.

In total, the fifth section of questions contained 5 statements.

3.4. Research procedure

Initially, the questionnaire was compiled via Google Forms and promoted electronically
via email and social media. The choice of the electronic questionnaire as a data
collection tool was based on the possibility of gathering a large number of respondents
in a short period of time. Furthermore, through this specific tool and the anonymity it
ensures due to the absence of personal contact with the researcher, the sincerity of the

responses is achieved to the greatest extent (Creswell & Creswell, 2022).
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At the beginning of the questionnaire there is an introductory paragraph with the aim
of informing the respondents about it. More specifically, the respondents are informed
that this questionnaire has been prepared for academic purposes, and they are briefly
informed about the subject of the study. Then, the anonymity and confidentiality of
their responses are ensured, so that they can answer honestly (Saunders et al., 2023).
Each participant could then answer the electronic questionnaire. The average time to
complete the questionnaire was 10-12 minutes. The research data collection period

ranges from 28 November 2025 to 11 January 2026.

3.5. Data analysis

The statistical analysis of the data was performed using SPSS version 29 software. The
data analysis was mainly based on descriptive statistics indicators such as the mean
(M), the standard deviation (SD) the minimum and maximum value. Accordingly, an
analysis was performed to investigate whether there are statistically significant
differences in the use of data-driven and predictive hiring tools in talent acquisition
processes in terms of the size of the businesses and companies. For this purpose, the
non-parametric Kruskal Wallis test was applied to the data, setting a significance level

of 5%.
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Chapter 4. Results

4.1. Introduction

The existence of talent acquisition in businesses is a topic that, especially in recent
years, has particularly concerned both researchers and professionals in the business
field. This fact exists given the increase in competition between candidates and existing
professionals (Dutta et al., 2025). The market is constantly evolving, creating new
needs, with which professionals must synchronize, if they do not want to risk their
position as members of the wider professional community (Abraham et al., 2023).

The literature in the field of talent acquisition shows that traditional recruitment
processes have gradually moved towards more digital, innovative and modern
approaches (Albert, 2019). Despite the great development in this field and the interest
of researchers worldwide, there are still gaps that deserve further investigation. Most
research in the international literature examines specific tools or specific recruitment
applications (Conte & Siano, 2023) without providing evidence for the general
transition from traditional recruitment to data-driven and predictive hiring (Socoliuc et
al., 2025). Furthermore, in Greece, relevant research is limited and often concerns
specific sectors, such as the hotel industry (Marinakou et al., 2024), which shows that
to date it has not yet been sufficiently investigated whether businesses and companies
in Greece use innovative tools (e.g. Al) in the recruitment and talent acquisition process.

The research motivation for this thesis arose from the fact that with the
continuous development of technology, recruitment and selection practices are
changing faster than ever. Also, the use of digital technologies (e.g. analytical tools and

predictive systems) in personnel selection and recruitment processes is becoming
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increasingly important, as it has been proven that these technologies improve the speed
of decision-making, improve the organization of data and processes and contribute to
making better and more documented (data-based) decisions.

Within this general digital transition in personnel selection and recruitment
processes, artificial intelligence has been integrated in recent years, which further
contributes to the process of automation of processes, data analysis and forecasting. The
importance of the issue is understood if we consider that in the European Union the use
of artificial intelligence increased from 13.5% in 2024 to 20.0% in 2025, for enterprises
with 10 or more employees (Eurostat, 2025).

Based on all of the above, it is important to study the extent to which these new
technologies have been integrated into recruitment processes and talent acquisition in
Greece. For this reason, subchapters 4.4 to 4.8 are of particular importance for the
interpretation of the results of the research. Subchapter 4.4, which concerns the
technologies used in recruitment, is important because it shows to what extent
businesses have moved from conventional practices to more modern tools and systems.
Subchapter 4.5, which examines data and predictive analytics, is also essential, as it
highlights whether personnel selection decisions are still based mainly on experience
and personal judgment, or whether they are starting to rely more on data, analysis and
predictive mechanisms. At the same time, subchapter 4.6 is necessary, because the use
of new technologies is accompanied by significant challenges. The existence of
technological tools does not necessarily mean their effective implementation, as there
may be obstacles related to the lack of know-how, organizational readiness, trust in
digital systems and the adaptation of companies to new ways of working. Accordingly,
subchapter 4.7 is important because it captures the future perspective of recruitment and

shows how companies perceive the evolution of these practices in the coming years.
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Finally, subchapter 4.8, which examines differences depending on the size of the
company, is particularly important, as it allows us to see whether the adoption of
technologies, data and innovative practices is a common trend for all companies or
whether it differs between smaller and larger companies. Thus, these specific
subchapters do not function simply as a presentation of individual results, but as key
axes for understanding the real degree of transformation of recruitment and talent

acquisition in the Greek business reality.

4.2. Demographics

A total of 60 executives/employees working in human resources management
departments in businesses and organizations in Greece participated in the survey. 73.3%
(n = 11) were male and 26.7% (n = 4) were female. The data regarding the age group
showed that 46.7% (n = 7) of the sample were aged 30 to 39 years. A smaller percentage
of the sample was aged under 30 years (n = 2, 13.3%), 40 to 49 years (n = 2, 13.3%),
50 to 59 years (n = 3, 20%) and over 60 years (n =1, 6.7%). In addition, Table 1 shows
that 60% (n = 9) of the participants had a bachelor's degree and 33.3% (n = 5) had
postgraduate studies. Findings regarding the job title of the sample showed that 20% (n
= 3) were talent acquisition / recruitment managers, 26.7% (n = 4) were heads of
Recruitment Departments, 13.3% (n = 2) were senior recruiters / lead recruiters, 13.3%
(n = 2) were people analytics / HR analytics lead and 6.7% (n = 1) were HR business
partners. The majority of the sample had less than 5 years of work experience in the
recruitment sector (n = 7, 46.7%), while a smaller percentage of the sample reported
work experience of 5 to 10 years (n =4, 26.7%) or more than 10 years (n = 4, 26.7%).

Finally, 60% (n = 9) of the participants worked in a company employing more than 250
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employees and 20% (n = 12) worked in a company employing between 51 and 250

employees (Table 1).

Table 1. Guests demographics (N = 15)

%
Age Under 30 8 13.3%
30-39 28 46.7%
40-49 8 13.3%
50-59 12 20.0%
60 and above 4 6.7%
Gender Male 44 73.3%
Female 16 26.7%
Educational Up to High School 4 6.7%
background Bachelor’s Degree 36 60.0%
Master’s Degree 20 33.3%
Job position Talent Acquisition / Recruitment Manager 12 20.0%
Head of Recruitment Department 16 26.7%
Senior Recruiter / Lead Recruiter 8 13.3%
People Analytics / HR Analytics Lead 8 13.3%
HR Business Partner 4 6.7%
Other 12 20.0%
Recruiter experience <S5 years 28 46.7%
(years): 5-10 years 16 26.7%
>10 years 16 26.7%
Firm size <10 4 6.7%
11-50 8 13.3%
51-250 12 20.0%
>250 36 60.0%

4.3. Reliability analysis

An analysis was then performed to examine the reliability of the questionnaire used in
the study. To assess the reliability of the questionnaire, Cronbach's o reliability

coefficient was calculated and an additional Cronbach's Alpha if Item Deleted analysis
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was also implemented. In Table 2 are presented the results of the reliability analysis for

the "Technologies used in recruitment" dimension. The analysis showed that this

particular dimension of the questionnaire has a reliability a = 0.71 (above the limit of

0.6). In addition, the Cronbach's Alpha if Item Deleted analysis showed that the
exclusion of the question "Social-media sourcing tools (e.g., LinkedIn Recruiter) are
central to our candidate identification efforts" would increase the reliability level to

0.74 (from 0.71). However, because this improvement was considered negligible, it was

decided not to exclude this question from the survey questionnaire.

Table 2. Reliability analysis for "Technologies used in recruitment" dimension

Cronbach's
Alpha N of Items
71 8
Scale Cronbach's
. . Corrected ]
Scale Mean if Variance Alpha if
i Item-Total
Item Deleted if Item } Item
Correlation
Deleted Deleted

Our recruitment process relies on an
Applicant Tracking System (ATS) for 22.53 27.84 .36 .69
candidate tracking and workflow
We integrate Al-enhanced resume parsing or
automated ranking into our screening 23.33 25.24 47 .66
process.
We use a Candidate Relationship
M t (CRM itment

anagement (CRM) or recruitmen 23.00 22.86 59 63
marketing platform to nurture talent and
manage pipelines
Programmatic job advertising or
programmatic sourcing is part of our regular 22.67 28.24 34 .69
attraction strategy.
Social-media sourcing tools (e.g., LinkedIn
Recruiter) are central to our candidate 22.67 29.38 12 74

identification efforts
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We employ chatbots or conversational
assistants to handle candidate engagement or 23.93 25.92 38 .68
initial screening

We use video interviewing platforms (live or

i 23.20 24.31 37 .69
asynchronous) as a standard part of selection
People analytics dashboards are integrated
into recruitment reporting and decision- 23.00 24.71 .66 .63

making

In Table 3 are presented the results of the reliability analysis for the "Data and
predictive analytics" dimension. The analysis showed that this particular dimension of
the questionnaire has a reliability a = 0.95 (high reliability). In addition, the Cronbach's
Alpha if Item Deleted analysis showed that all questions were significant, as the

removal of any question would reduce the reliability coefficient.

Table 3. Reliability analysis for " Data and predictive analytics"

Cronbach's
Alpha N of Items
.94 8

Scale Scale Cronbach
. . .. Corrected
Mean if  Variance if 's Alpha
Item-Total .
Item Item . if Item
Correlation
Deleted Deleted Deleted

Predictive models are used to identify and
prioritize potential candidates in our sourcing 21.33 61.95 78 93
activities.
Predicti tomated ing i dt

re 1?1veor?1u0mae'scorl.nglsuse 0 2113 66.98 60 o4
shortlist candidates for interviews
W lytics to inft ffer decisions,
. e us.e analytics to inform offer ec;1s10ns 2073 6021 20 93
including recommended compensation ranges.
Predicti lyti lied to fi t early-

redic 1vea.naylcs a.re.app'le 0 oreca§ early 21.00 61.86 % 93
stage retention or attrition risk for new hires.
Data and analytics have measurably reduced our

YHES HAVE MEASHIEDL TECHEEA O 067 62281 76 93

time-to-hire.
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Data and analytics have measurably improved the

quality-of-hire (performance, manager 20.27 67.50 .68 94
satisfaction).

Our predictive models are validated periodically 21.00 60.14 28 9
for accuracy and performance.

We audit models regularly to assess and mitigate 20.93 60.78 90 9

bias.

In Table 4 are presented the results of the reliability analysis for the
"Challenges" dimension. The analysis showed that this particular dimension of the
questionnaire has a reliability a = 0.89 (high reliability). In addition, the Cronbach's
Alpha if Item Deleted analysis showed that all questions were significant, as the

removal of any question would reduce the reliability coefficient.

Table 4. Reliability analysis for "Challenges"

Cronbach's
Alpha N of Items
.89 10
Corrected
Scale Scale ) Cronbach
em-
Mean if  Variance al 's Alpha
Item if Item o . if Item
Correlati
Deleted  Deleted Deleted
on

Algorithmic bias in automated i nki
. go.rl mlc ias in automate screer‘nng or ra .1ng 28.87 50.55 66 28
is a significant concern for our recruitment practice
Candldat.e privacy and obtaining 1nf9rmed consent 2873 60.35 73 87
for recruitment data use are challenging for us
Lack of explain ability from models causes
operational problems or resistance among hiring 28.53 60.70 .65 .88
managers.
Legal and compliance risks (e.g., GDPR, anti-
discrimination law) limit how we deploy predictive 28.60 58.97 81 .87
tools.
P t lit fi ted HR syst

oor data quality and fragmented systems 28,67 5704 78 97

prevent effective analytics in our hiring process.
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Our HR/TA team lacks sufficient data literacy or

analytics skills to make full use of predictive tools.

Hiring managers and recruiters resist relying on
analytics-driven recommendations.

Over-reliance on automated scores risks deskilling
our recruiting teams.

Budget constraints hinder our ability to implement
and sustain analytics and Al systems for hiring
Our organizational culture does not fully support
using analytics outputs in hiring decisions.

29.27 62.50 .53 .89
29.00 63.57 45 .89
28.33 59.24 54 .89
29.07 57.50 .80 .87
29.53 61.84 43 .89

Finally, in Table 5 are presented the results of the reliability analysis for the

"Future outlook" dimension. The analysis showed that this particular dimension of the

questionnaire has a reliability a = 0.85 (high reliability). In addition, the Cronbach's

Alpha if Item Deleted analysis showed that all questions were significant, as the

removal of any question would reduce the reliability coefficient.

Table 5. Reliability analysis for "Future outlook"

Cronbach's
Alpha N of Items
.85 5
Scale Cronbach
Scale Mean ) .. Corrected
) Variance if 's Alpha
if Item Item-Total i
Item ) if Item
Deleted Correlation
Deleted Deleted
We find it difficult to measure long-term
outcomes (quality of hire, retention) from 13.27 12.78 .56 .85
predictive models.
We will hine | i ften t
e wi use.mac ine earn'mgmoreo en to 13.33 12.10 74 20
match candidates to open jobs.
We will connect new hire performance data
back to hiring decisions to see which hiring 13.33 12.10 74 .80

methods work
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Employers will require clear explanations for

automated hiring decisions (e.g., why a 12.67 13.24 57
candidate was scored).

We will connect new hire performance data

back to hiring decisions to see which hiring 13.00 12.71 75
methods work 2

.85

.80

4.4. Technologies used in recruitment

The next section of the chapter presents the results of the statistical analysis regarding
the perceptions of employees in human resources management departments regarding
the extent to which they use new technologies (Al, CRM etc) during the recruitment
and selection process. The results showed that the participants agree that the recruitment
process relies on an Applicant Tracking System (ATS) for candidate tracking and
workflow (M = 3.8, SD = 1.0), that programmatic job advertising or programmatic
sourcing is part of their regular attraction strategy (M = 3.7, SD = 1.0) and that social-
media sourcing tools (e.g., LinkedIn Recruiter) are central to their candidate
identification efforts (M = 3.7, SD = 1.3).

In contrast, participants expressed a neutral attitude on whether they use a
Candidate Relationship Management (CRM) or recruitment marketing platform to
nurture talent and manage pipelines (M = 3.3, SD = 1.4), whether people analytics
dashboards are integrated into recruitment reporting and decision-making (M = 3.3, SD
= 1.0), whether they use video interviewing platforms (live or asynchronous) as a
standard part of selection (M = 3.1, SD = 1.6), and whether they integrate Al-enhanced
resume parsing or automated ranking into their screening process (M = 3.0, SD = 1.3).

Finally, the results show that participants disagree that they employ chatbots or
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conversational assistants to handle candidate engagement or initial screening (M = 2.4,

SD = 1.3) (Table 6).

Table 6. Descriptive statistics for "Technologies used in recruitment" dimension

M SD Min Max

Our recruitment process relies on an Applicant Tracking
3.8 1.0 2 5
System (ATS) for candidate tracking and workflow

We integrate Al-enhanced resume parsing or automated
30 1.3 1 5
ranking into our screening process.

We use a Candidate Relationship Management (CRM) or
recruitment marketing platform to nurture talent and 33 14 1 5
manage pipelines

Programmatic job advertising or programmatic sourcing
3.7 1.0 2 5
is part of our regular attraction strategy.

Social-media sourcing tools (e.g., LinkedIn Recruiter)
37 13 1 5
are central to our candidate identification efforts

We employ chatbots or conversational assistants to
24 13 1 5
handle candidate engagement or initial screening

We use video interviewing platforms (live or
3.1 1.6 1 5
asynchronous) as a standard part of selection

People analytics dashboards are integrated into
33 1.0 2 5
recruitment reporting and decision-making
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4.5. Data and predictive analytics

In Table 7 are presented the perceptions of employees in human resources management
departments regarding the extent to which they use data analytics and predictive
analytics during the recruitment and selection process and the extent to which they have
benefits. The results showed that the participants agree that data and analytics have
measurably improved the quality-of-hire (performance, manager satisfaction) (M = 3.6,
SD = 1.1). Conversely, they neither agree nor disagree that they use analytics to inform
offer decisions, including recommended compensation ranges (M = 3.1, SD = 1.5) and
that data and analytics have measurably reduced our time-to-hire (M = 3.2, SD = 1.4).
Similarly, employees in human resources management departments neither agree nor
disagree that predictive analytics are applied to forecast early-stage retention or attrition
risk for new hires (M = 2.9, SD = 1.4), that their predictive models are validated
periodically for accuracy and performance (M = 2.9, SD = 1.4), and that they audit
models regularly to assess and mitigate bias (M =2.9, SD = 1.3). Finally, Table 7 shows
that employees in human resources management departments disagree that predictive
models are used to identify and prioritize potential candidates in our sourcing activities
(M = 2.5, SD = 1.4) and that predictive or automated scoring is used to shortlist

candidates for interviews (M = 2.7, SD = 1.3).

Table 7. Descriptive statistics for "Data and predictive analytics" dimension

M SD Min Max

Predictive models are used to identify and prioritize
25 14 1 5
potential candidates in our sourcing activities.
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Predictive or automated scoring is used to shortlist

2.7
candidates for interviews
We use analytics to inform offer decisions, including

3.1
recommended compensation ranges.
Predictive analytics are applied to forecast early-stage

29
retention or attrition risk for new hires.
Data and analytics have measurably reduced our time-to-

3.2
hire.
Data and analytics have measurably improved the

3.6
quality-of-hire (performance, manager satisfaction).
Our predictive models are validated periodically for

2.9
accuracy and performance.
We audit models regularly to assess and mitigate bias. 2.9

1.3

1.5

1.4

1.4

1.1

1.4

1.3

4.6. Challenges

The next section of questions aimed to capture the perceptions of employees in human
resources management departments regarding the challenges of using data-driven and

predictive tools in the requitement process. The results are presented in detail in Table

8 in the form of mean (M) and standard deviation (SD).

The results showed that the most significant challenge identified by participants
is the over-reliance on automated scores, which have the risk of underperforming
(deskilling) hiring teams (M = 3.7, SD= 1.4). Participants then identified significant
challenges as legal and compliance risks (e.g., GDPR, anti-discrimination law) limit

how they deploy predictive tools (M = 3.5, SD = 1.1), lack of explain ability from
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models causes operational problems or resistance among hiring managers (M = 3.5, SD
= 1.1) and poor data quality and fragmented HR systems prevent effective analytics in
the hiring process (M = 3.4, SD = 1.2).

Employees in human resources management departments neither agreed nor
disagreed that algorithmic bias in automated screening or ranking is a significant
concern for their recruitment practice (M = 3.2, SD = 1.2), that candidate privacy and
obtaining informed consent for recruitment data use are challenging (M = 3.3, SD =
1.0), that hiring managers and recruiters resist relying on analytics-driven
recommendations (M = 3.1, SD = 1.2) and that budget constraints hinder their ability
to implement and sustain analytics and Al systems for hiring (M = 3.0, SD = 1.2).

Finally, employees in human resources management departments disagreed that
organizational culture does not fully support using analytics outputs in hiring decisions
(M =2.5, SD = 1.2) and that HR team lacks sufficient data literacy or analytics skills

to make full use of predictive tools. (M = 2.8, SD = 1.1) (Table 8).

Table 8. Descriptive statistics for "Challenges" dimension

M SD Min Max

Algorithmic bias in automated screening or ranking is a
32 1.2 1 5
significant concern for our recruitment practice

Candidate privacy and obtaining informed consent for
33 1.0 1 5
recruitment data use are challenging for us

Lack of explain ability from models causes operational
35 1.1 1 5
problems or resistance among hiring managers.

Legal and compliance risks (e.g., GDPR, anti-

35 1.1 1 5
discrimination law) limit how we deploy predictive tools.
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Poor data quality and fragmented HR systems prevent
effective analytics in our hiring process.

Our HR team lacks sufficient data literacy or analytics
skills to make full use of predictive tools.

Hiring managers and recruiters resist relying on
analytics-driven recommendations.

Over-reliance on automated scores risks deskilling our
recruiting teams.

Budget constraints hinder our ability to implement and
sustain analytics and Al systems for hiring

Our organizational culture does not fully support using
analytics outputs in hiring decisions.

We find it difficult to measure long-term outcomes

(quality of hire, retention) from predictive models.

3.4

2.8

3.1

3.7

3.0

2.5

3.1

1.2

1.1

1.2

1.4

1.2

1.4

1.2

4.77. Future outlook

decisions (M = 3.7, SD = 1.1) and that retention-prediction tools will be more common
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The last section of questions aimed to capture the views of employees in human
resources management departments on how they see the future use of data-driven and
predictive tools for the recruitment and hiring process. Table 9 shows that participants

tend to agree that employers will require clear explanations for automated hiring

in talent acquisition (M = 3.5, SD = 1.2). Accordingly, employees in human resources
management departments reported that they neither agree nor disagree with the fact that

they will use machine learning more often to match candidates to open jobs (M = 3.1,



SD = 1.1) and with the fact that they will connect new hire performance data back to

hiring decisions to see which hiring methods work (M = 3.1, SD = 1.1).

Table 9. Descriptive statistics for "Future outlook” dimension

M SD Min Max

We will use machine learning more often to match
3.1 1.1 1 5
candidates to open jobs.

We will connect new hire performance data back to
3.1 1.1 1 5
hiring decisions to see which hiring methods work

Employers will require clear explanations for automated
3.7 1.1 1 5
hiring decisions (e.g., why a candidate was scored).

Retention-prediction tools will be more common in talent
35 1.2 1 5
acquisition

4.8. Differences regarding firm size

An analysis was then conducted to investigate the impact of company size on the use
of data analytics and predictive analytics during the recruitment and selection process
and the challenges they face when using data-driven and predictive tools in the
recruitment process. For the comparison, companies were grouped into three groups:
companies with up to 50 employees, companies with 51-250 employees and companies
with more than 250 employees. For this purpose, the non-parametric Kruskal Wallis
test (Mean Rank comparison) was applied to the data and the statistically significant

findings are given in detail in Table 10.

41



The findings show that companies with up to 50 employees (mean rank = 42.5)
use Candidate Relationship Management (CRM) or recruitment marketing platform to
nurture talent and manage pipelines to a greater extent compared to companies with 51-
250 employees (mean rank = 35.17) or over 250 employees (mean rank = 24.94) (H =
11.078, p = 0.004). Additionally, the analysis revealed that companies with up to 50
employees (mean rank = 41.5) or 51-250 employees (mean rank = 41.5) use social-
media sourcing tools (e.g., LinkedIn Recruiter) for candidate identification to a greater
extent compared to companies with over 250 employees (mean rank = 23.17) (H =
18.212, p <0.001).

The non-parametric Kruskal Wallis test revealed that companies with up to 50
employees (mean rank = 41.5) use people analytics in recruitment reporting and
decision-making to a greater extent compared to companies with 51-250 employees
(mean rank = 30.17) or over 250 employees (mean rank =26.94) (H=6.780, p = 0.034).
Similarly, companies with up to 50 employees (mean rank = 42.83) are more likely to
recognize that data and analytics have reduced time-to-hire compared to companies
with 51-250 employees (mean rank = 31.50) or over 250 employees (mean rank =
26.06) (H=9.106, p =0.011). Additionally, companies with up to 50 employees (mean
rank = 45.17) are more likely to recognize that algorithmic bias in automated screening
or ranking is a significant concern for recruitment practice compared to companies with
51-250 employees (mean rank = 38.50) or more than 250 employees (mean rank =

22.94) (H = 19.424, p < 0.001).

Table 10. Kruskal Wallis test results for comparisons regarding firms size
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Kruskal-
df p
Wallis H

We use a Candidate Relationship Management (CRM) or
recruitment marketing platform to nurture talent and manage 11.078 2 .004
pipelines

Social-media sourcing tools (e.g., LinkedIn Recruiter) are
18.212 2 <.001
central to our candidate identification efforts

People analytics dashboards are integrated into recruitment
6.780 2 .034
reporting and decision-making

Data and analytics have measurably reduced our time-to-hire. 9.106 2 011

Algorithmic bias in automated screening or ranking is a
19.424 2 <.001
significant concern for our recruitment practice

Candidate privacy and obtaining informed consent for
18.590 2 <.001
recruitment data use are challenging for us

Lack of explain ability from models causes operational
8.029 2 018
problems or resistance among hiring managers.

Legal and compliance risks (e.g., GDPR, anti-discrimination
21.908 2 <.001
law) limit how we deploy predictive tools.

Poor data quality and fragmented HR systems prevent effective
10.491 2 .005
analytics in our hiring process.

Our HR team lacks sufficient data literacy or analytics skills to
12.984 2 .002
make full use of predictive tools.

Over-reliance on automated scores risks deskilling our

8.690 2 .013
recruiting teams.

43



Budget constraints hinder our ability to implement and sustain
analytics and Al systems for hiring

We will use machine learning more often to match candidates
to open jobs.

We will connect new hire performance data back to hiring
decisions to see which hiring methods work
Retention-prediction tools will be more common in talent

acquisition

12.696

12.414

13.208

17.872

.002

.002

.001

<.001

Table 11. Kruskal Wallis test mean ranks for comparisons regarding firms size

Firm Mean
size Rank
We use a Candidate Relationship Management (CRM) or <50 42.50
recruitment marketing platform to nurture talent and 51-250 35.17
manage pipelines >250 24.94
Social-media sourcing tools (e.g., LinkedIn Recruiter) <50 41.50
are central to our candidate identification efforts 51-250 41.50
>250 23.17
People analytics dashboards are integrated into <50 41.50
recruitment reporting and decision-making 51-250 30.17
>250 26.94
Data and analytics have measurably reduced our time-to- <50 42.83
hire. 51-250 31.50
>250 26.06
Algorithmic bias in automated screening or ranking isa <50 45.17
significant concern for our recruitment practice 51-250 38.50
>250 22.94
Candidate privacy and obtaining informed consent for <50 43.83
recruitment data use are challenging for us 51-250 39.17
>250 23.17
Lack of explain ability from models causes operational <50 39.83
problems or resistance among hiring managers. 51-250 35.83
>250 25.61
<50 40.17
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Legal and compliance risks (e.g., GDPR, anti- 51-250 43.50
discrimination law) limit how we deploy predictive tools. >250 22.94
Poor data quality and fragmented HR systems prevent <50 39.17
effective analytics in our hiring process. 51-250 39.17
>250 24.72
Our HR/TA team lacks sufficient data literacy or <50 31.33
analytics skills to make full use of predictive tools. 51-250 45.00
>250 25.39
Over-reliance on automated scores risks deskilling our <50 41.17
recruiting teams. 51-250  34.50
>250 25.61
Budget constraints hinder our ability to implement and <50 37.50
sustain analytics and Al systems for hiring 51-250 42.17
>250 24.28
We will use machine learning more often to match <50 39.00
candidates to open jobs. 51-250 40.67
>250) 24.28
We will connect new hire performance data back to <50 43.00
hiring decisions to see which hiring methods work 51-250 36.67
>250 24.28
Retention-prediction tools will be more common in talent <50 45.50
acquisition 51-250 36.83
>250 23.39

The findings showed that companies with up to 50 employees (mean rank =
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43.83) recognize to a greater extent that candidate privacy and obtaining informed
consent for recruitment data are challenging for reporting and decision-making
compared to companies with 51-250 employees (mean rank = 39.17) or over 250
employees (mean rank = 23.17) (H = 18.590, p < 0.001). Similarly, companies with up
to 50 employees (mean rank = 42.83) are more likely to recognize that lack of explain
ability from models causes operational problems or resistance among hiring managers
compared to companies with 51-250 employees (mean rank = 35.83) or more than 250
employees (mean rank = 25.61) (H = 8.029, p = 0.018). Additionally, companies with

up to 50 employees (mean rank = 40.17) and companies with 51-250 employees (mean



rank = 43.50) are more likely to recognize that legal and compliance risks (e.g., GDPR,
anti-discrimination law) limit how they deploy predictive tools compared to companies
with over 250 employees (mean rank = 22.94) (H = 21.908, p <0.001).

Table 10 and 11 show that companies with up to 50 employees (mean rank =
39.17) or 51-250 employees (mean rank = 39.17) recognize to a greater extent that poor
data quality and fragmented HR systems prevent effective analytics in their hiring
process compared to companies with over 250 employees (mean rank = 24.72) (H =
10.491, p=0.005). Similarly, companies with 51 to 250 employees (mean rank = 45.00)
are more likely to recognize that their HR/TA team lacks sufficient data literacy or
analytics skills to make full use of predictive tools compared to companies with up to
50 employees (mean rank = 31.33) or over 250 employees (mean rank = 25.39) (H =
12.894, p = 0.002). Accordingly, companies with up to 50 employees (mean rank =
41.17) recognize to a greater extent that over-reliance on automated scores risks
deskilling their recruiting teams compared to companies with 51-250 employees (mean
rank = 34.5) or over 250 employees (mean rank = 25.61) (H=8.690, p=0.013).

Finally, the results showed that companies with up to 50 employees are more
likely to recognize that they will connect new hire performance data back to hiring
decisions to see which hiring methods work (H =13.208, p=10.001) and are more likely
to recognize that retention-prediction tools will be more common in talent acquisition
(H=17.872, p < 0.001). Conversely, companies with 51 to 250 employees are more
likely to recognize that budget constraints hinder their ability to implement and sustain
analytics and Al systems for hiring (H = 12.696, p = 0.002) and are more likely to use

machine learning more often to match candidates to open jobs (H = 12.414, p = 0.002).
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4.9. Summary

Overall, the findings show that the use of technologies and data in recruitment is in a
phase of gradual integration, but has not yet become fully systematic and mature.
Companies seem to make more use of basic digital tools, such as ATS and social-media
sourcing tools, while the use of more complex applications, such as predictive analytics,
automated scoring and chatbots, remains more limited. At the same time, the challenges
that emerged show that the technological transformation of recruitment depends not
only on the availability of tools, but also on issues of trust, skills, compliance, data
quality and organizational readiness. It is also particularly important that the size of the
company seems to differentiate the way in which companies adopt, perceive and

evaluate these practices.
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Chapter 5. Conclusion

The findings of this thesis showed that businesses and companies in Greece have
partially, but not fully, integrated new digital technologies into the recruitment and
selection processes. In particular, the data analysis revealed that the most popular
technology used by businesses and companies in Greece is Applicant Tracking Systems
and social media advertising and candidate search tools. These results show that
businesses and companies in Greece use the most common technologies that are mainly
useful in the initial stages of recruitment.

However, the results showed a neutral attitude of the participants towards the
use of more complex tools, such as candidate relationship management platforms, HR
data analytics dashboards, digital interviews and artificial intelligence for automatic
processing and ranking of CVs. This finding indicates that the digital maturity of
businesses and companies in Greece remains limited.

Similarly, the results showed limited use of data and predictive analytics. The
executives who participated in the survey mainly recognized the contribution of data to
improving the quality of hiring, while expressing a neutral view on the contribution of
data and predictive analytics to reducing time, predicting early departures, and
validating or testing models. These findings highlight that data and predictive analytics
are used more as a support rather than a core strategy for forecasting and decision-
making.

An important finding of the thesis is the challenges that companies and
businesses face in the context of the digital transformation of staffing processes. The
executives who participated in the research identified as the most important challenges

the overreliance on automated scores, the legal and regulatory restrictions on the use of
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these technologies, the low interpretability of models and the poor quality or
fragmentation of data and systems. These findings are directly linked to the
contemporary debate on the limitations of new technologies such as artificial
intelligence (Conte & Siano, 2023; Anghel, 2023; Ligeiro et al., 2024).

Finally, the findings of the thesis showed that companies and businesses in
Greece see the future of new technologies in staffing processes positively. The
executives who participated in the survey reported that they have a positive intention to
use such technologies in the future.

Overall, the study shows that companies and businesses in Greece have
substantially progressed towards the digital transformation of the recruitment and
selection process. However, the data recorded show that companies and businesses in
Greece have not made the transition to a fully digital recruitment and selection process.
The findings showed that currently companies and businesses in Greece make use of
simpler technologies (Applicant Tracking System, social-media sourcing tools (e.g.,
LinkedIn Recruiter) while the use of more complex data analysis and forecasting
systems remains limited. Similarly, companies and businesses in Greece have
reservations about these more modern and innovative technologies. Therefore, the
transition from traditional recruitment to data-driven and predictive hiring is ongoing,
but cannot yet be considered complete.

The thesis is characterized by certain limitations that must be taken into account
when interpreting the results. First, the convenience sampling methodology was applied
to select the research sample and a sample of 60 executives resulted. Based on this
limitation, the findings of the thesis cannot be safely generalized to all businesses in
Greece as the sample cannot be considered representative of the business population in

Greece (Saunders et al., 2023). A second important limitation of the thesis is that the
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data were collected based on the self-reports of the executives and therefore reflect
perceptions and not objective data on the use of new technologies. Also, the recording
of the perceptions of the executives cannot reflect the effectiveness of the use of
innovative methods (for example Al systems) in attracting talent.

In the future, it would be useful to conduct research on larger and more
representative samples of businesses and companies in Greece. It would also be
important to conduct research with distinction according to the sector and size of
businesses and companies, so that the degree of adoption of modern digital staffing and
recruitment practices in Greece can be recorded with more reliability. Accordingly, a
future study would be interesting to use a mixed-type study (a combination of
quantitative and qualitative research), in order to record in more detail the reasons why
certain tools, such as predictive assessment, are not yet widely applied in Greece.
Finally, it is necessary for future studies to investigate the actual degree of use of new
technologies in the selection and recruitment process and to examine their correlation
with real indicators of recruitment effectiveness (in addition to the perceptions of

business and company executives).
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Chapter 6. Policy implication

The findings of the thesis show that companies in Greece are in a transition stage in
terms of the use of technologies in recruitment and talent acquisition. On the one hand,
it seems that more basic digital tools are already being utilized, such as Applicant
Tracking Systems, social-media sourcing tools and programmatic job advertising
practices, which shows that the processes of attracting and selecting personnel have
started to move away from traditional methods. On the other hand, the use of more
complex technologies, such as predictive analytics, automated candidate ranking,
chatbots and algorithmic bias control mechanisms, remains more limited. This means
that companies do not just invest in new tools, but need to develop more comprehensive
policies for the use of data, the protection of candidate privacy, the transparency of
algorithmic decisions and the strengthening of the digital skills of HR executives. It is
also particularly important that the challenges recorded, such as over-reliance on
automated scores, legal and regulatory risks, lack of explainability of models and data
quality, show that the digital transformation of recruitment must be accompanied by
rules, controls and clear implementation procedures.

The findings of the thesis mainly concern business administrations, human
resources departments, recruitment and talent acquisition executives, but also
policymakers, HR technology solution providers and vocational training institutions.
For businesses and HR departments, the results show the need for more systematic
integration of technological tools, without, however, neglecting human judgment in the
personnel selection process. For policymakers and regulators, the findings highlight the
need for clearer guidelines on the use of artificial intelligence, data and predictive

analytics in recruitment, in order to ensure fairness, transparency and protection of
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candidates. At the same time, the differences identified depending on the size of the
company show that support policies cannot be the same for all companies, as smaller,
medium and larger companies seem to face different needs, capabilities and constraints.
Therefore, targeted interventions are required, such as training of HR executives,
support in the adoption of reliable technological tools and development of control
practices for algorithmic systems, so that the use of technology in recruitment works to

the benefit of both businesses and candidates.
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Appendix A. Questionnaire

A. Demographics
1. Age:
L1 Under 30
L1 30-39
1 40-49
1 50-59
L1 60 and above
2. Gender
L1 Male
L] Female
L1 Other
[ Prefer not to say
3. Educational background:
] Up to High School
[ Bachelor’s Degree
(] Master’s Degree
[J Doctorate Degree
4. Which best describes your role?
L] Talent Acquisition / Recruitment Manager
[l Head of Recruitment Department
L] Senior Recruiter / Lead Recruiter

1 People Analytics / HR Analytics Lead
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[J HR Business Partner

[ Other (please specify)
4.Recruiter experience (years):

] <5 years

[ 5-10 years

Ll >10 years
5.Firm size (number of employees)

0 <10

I 11-50

L] 51-250

O >250

B. Technologies used in recruitment

For each statement, indicate your agreement regarding the role, integration, or strategic
importance of the listed technologies in your recruitment process.
Likert scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly

Agree.

1. Our recruitment process relies on an
Applicant Tracking System (ATS) for 1 2 3 4 5

candidate tracking and workflow
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2. We integrate Al-enhanced resume
parsing or automated ranking into our

screening process.

3. We use a Candidate Relationship
Management (CRM) or recruitment
marketing platform to nurture talent and

manage pipelines

4. Programmatic job advertising or
programmatic sourcing is part of our

regular attraction strategy.

5. Social-media sourcing tools (e.g.,
LinkedIn Recruiter) are central to our

candidate identification efforts

6. We employ chatbots or conversational
assistants to handle candidate

engagement or initial screening

7. We use video interviewing platforms
(live or asynchronous) as a standard

part of selection

8. People analytics dashboards are
integrated into recruitment reporting

and decision-making

C. Data and predictive analytics
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For each statement, indicate your agreement about the use, validation, and impact of
data-driven and predictive approaches in hiring.
Likert scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly

Agree.

1. Predictive models are used to identify
and prioritize potential candidates in
our sourcing activities.

2. Predictive or automated scoring is used

to shortlist candidates for interviews

3. We use analytics to inform offer
decisions, including recommended 1 2 3 4 5

compensation ranges.

4. Predictive analytics are applied to
forecast early-stage retention or attrition 1 2 3 4 5

risk for new hires.

5. Data and analytics have measurably

reduced our time-to-hire.

6. Data and analytics have measurably
improved the quality-of-hire 1 2 3 4 5

(performance, manager satisfaction).

7. Our predictive models are validated
periodically for accuracy and 1 2 3 4 5

performance.

8. We audit models regularly to assess and

mitigate bias.
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D. Challenges

For each statement, indicate your agreement about the primary ethical, organizational,
and skills-related challenges your team faces when adopting data-driven hiring..
Likert scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly

Agree.

1. Algorithmic bias in automated screening
or ranking is a significant concern for 1 2 3 4 5

our recruitment practice

2. Candidate privacy and obtaining
informed consent for recruitment data 1 2 3 4 5

use are challenging for us

3. Lack of explainability from models
causes operational problems or 1 2 3 4 5

resistance among hiring managers.

4. Legal and compliance risks (e.g.,
GDPR, anti-discrimination law) limit 1 2 3 4 5

how we deploy predictive tools.

5. Poor data quality and fragmented HR
systems prevent effective analytics in 1 2 3 4 5

our hiring process.
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6. Our HR/TA team lacks sufficient data
literacy or analytics skills to make full 1 2 3 4 5

use of predictive tools.

7. Hiring managers and recruiters resist
relying on analytics-driven 1 2 3 4 5

recommendations.

8. Over-reliance on automated scores risks

deskilling our recruiting teams.

9. Budget constraints hinder our ability to
implement and sustain analytics and Al 1 2 3 4 5

systems for hiring

10. Our organizational culture does not
fully support using analytics outputs in 1 2 3 4 5

hiring decisions.

11. We find it difficult to measure long-
term outcomes (quality of hire, 1 2 3 4 5

retention) from predictive models.

E. Future outlook

For each statement, indicate your agreement about likely priorities and developments

in talent acquisition over the next 2-3 years..
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Likert scale: 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly

Agree.

1. We will use machine learning more

often to match candidates to open jobs.

2. We will connect new hire performance
data back to hiring decisions to see 1 2 3 4 5

which hiring methods work

3. Employers will require clear
explanations for automated hiring
decisions (e.g., why a candidate was

scored).

4. We will connect new hire performance
data back to hiring decisions to see 1 2 3 4 5

which hiring methods work

5. Retention-prediction tools will be more

common in talent acquisition
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